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Abstract

Empirical evidence suggests that individuals selectively avoid information based on

past decisions. We address these findings by studying an agent who behaves as if she

trades off two conflicting effects of information. The first is a psychological cost from

the regret about past decisions that are revealed to be suboptimal, whereas the second

is the instrumental value in guiding future decisions. We take as primitive preferences

over consumption-information pairs and provide axiomatic representation theorems

incorporating both instrumental value and regret in the value of information. New

axioms are posited to connect the agent’s consumption choice with her information

choice. We show that all parameters can be uniquely identified from the preference.

Defining information avoidance as preferring a Blackwell less informative experiment,

we provide comparative statics on the agent’s information aversion attitude.
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1 Introduction

Information avoidance describes an agent’s unwillingness to obtain information that is both

free and useful. Even though standard economic theories leave no room for information to

be harmful in individual decision-making problems, substantial empirical evidence indicates

that information avoidance is a pervasive phenomenon in real-world settings.1

What makes it more puzzling are the findings suggesting that information avoidance is

often selective in decisions made in the past. More specifically, individuals might only avoid

an information source after a decision has been made, while the same information source

will be consulted if that decision were nonexistent. This is referred to as “selective exposure

to information” or “selective information avoidance.”

• A large empirical literature in psychology documents selective information avoidance

about consumption goods: Consumers only avoid information about products they did

not choose or about risks associated with products they have consumed (e.g., Ehrlich

et al. 1957, Frey and Stahlberg 1986, and Jonas et al. 2001).

• In the context of financial information, Sicherman et al. (2016) find that stock investors

log into their account less frequently to avoid information on their individual stocks

when the stock market (as a whole) is not performing well. Moreover, investors who

hold more bonds than stocks show a weaker tendency to avoid information and investors

holding only bonds exhibit no information avoidance at all.

Why would an agent refuse to be better informed for future decisions due to a choice

made in the past? One natural reason is regret. Information could reveal an agent’s past

decision to be suboptimal and cause her to experience a sense of loss for not having chosen a

different alternative. We refer to this (psychological) effect as the regret cost of information.

Information usually arrives in the middle of a sequence of decisions, thus revealing subop-

timal past decisions (causing regrets) and guiding future decisions (generating instrumental

value) at the same time. For example, a physical examination that helps to screen for po-

tential health problems might also lead to the discovery that an old lifestyle was unhealthy.

Inquiries about positions from different industries for a new job might reveal to a worker

that better early-career choices could have been made. Stock analyses for a new investment

project might unveil that a better portfolio could have been constructed in the past.

1Lerman et al. (1999), Oster, Shoulson, and Dorsey (2013) and Persoskie et al. (2014) are among the large

literature documenting individuals avoiding medical information when at risk of certain diseases or health

conditions. A rapidly growing literature studies investors’ aversion to financial information. Examples

include Karlsson, Loewenstein, and Seppi (2009), Sicherman et al. (2016) and Hilbert et al. (2022).
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In this paper, we address the findings on selective information avoidance by proposing

and axiomatizing a model based on the tradeoff between the regret cost and the instrumental

value of any information source. In our model, an agent avoids information when (and only

when) its regret cost outweighs its instrumental value. A decision made in the past (or the

absence thereof) exposes the agent to (or protects the agent from) the possibility of regret,

causing selectiveness of information avoidance on past decisions.

We build a model of decision making under uncertainty that involves choices in three

periods. The uncertainty is captured by a set of payoff-relevant states and information

is represented by Blackwell experiments over these states. In period 3 (the final period),

the agent chooses an (Anscombe-Aumann) act from a menu of acts F after the arrival of

information. That is, the act choice can be customized according to what the information

reveals. In contrast, the menu of acts F itself has been selected from a menu of menus F in

period 2 before the information arrives. Thus, the information could cause regret if it reveals

that some unchosen menu G contains an act g that is better than all acts in F . In period

1, the agent chooses a consumption-information pair consisting of a menu of menus of acts

and a Blackwell experiment, having in mind the subsequent choices of a menu and an act.

Using a menu of menus approach to model the consumption component reflects the

common decision procedure in which an agent narrows down her set of options over time

before settling on a final alternative. Using a Blackwell experiment to model the information

component allows a notion of information avoidance that is more broadly applicable.

In our model, information avoidance is defined as an agent preferring a (Blackwell) less

informative experiment to a more informative one. This general notion nests the common

notion of information avoidance where an agent prefers no information to full information

(fully revealing experiments) or partial information (general experiments).

Taking preferences over consumption-information pairs as primitive, our key result is a

representation theorem that features an informational tradeoff (IT) representation, where

the agent behaves as if she takes into account both the instrumental value and the regret

cost when evaluating an information source. As a result, our model can generate both

information-avoiding and information-seeking behavior depending on whether the regret cost

or the instrumental value is dominant.

The information component of the choice domain opens the possibility for comparative

static analysis on the degree of information aversion. We say agent 1 is more information

averse than agent 2 if agent 1 avoids information whenever agent 2 avoids information.

Another main result of the paper is a clean characterization of the comparative statics on

agents’ information aversion attitudes. It is impossible to establish such a result without

data on preference for information.

2



In the axiomatization process of the IT representation, we obtain a subjective infor-

mational tradeoff (SIT) representation in which the agent’s information is an unobserved

preference parameter instead of a choice variable. We show that such a representation can

be characterized from axioms on the agent’s preference over menus of menus alone. Moreover,

the unobserved information can be elicited from this preference.

The SIT representation is of interest on its own. Conceptually, the agent might still

recognize both the regret cost and the instrumental value of an information structure even if

it is exogenously given. Pragmatically, it is valuable to be able to elicit an agent’s information

because a modeler may not be able to observe this parameter of interest.

We have two key axioms for the SIT representation.

• The first key axiom is called “Ex-Ante Regret”. It reflects the agent’s desire to limit her

options before the arrival of information. Formally, let F and G be two menus, and F a

set of menus. The axiom states that if {F} ≿ {G} and F ∈ F, then F ≿ F∪{G}.2 Due

to the existence of a better menu F , having the extra option of G actually makes F less

preferred. The intuition is that, adding a menu that will not be chosen subsequently

does not increase material value but could cause more regret.

• The second key axiom is called “Interim Preference for Flexibility”. It reflects the

agent’s preference to have more options after the arrival of information. Formally, the

axiom states that F ∪ {F ∪G} ≿ F ∪ {F,G} for any menu of menus F and any menus

F and G. That is, when the set of acts that can be ultimately chosen are the same,

the agent prefers to keep more options open so she has more flexibility in period 3.

Our axiomatization of the IT representation builds on the axiomatic characterization of

the SIT representation. In addition to axioms for the SIT representation, we impose axioms

to discipline the interaction between the agent’s consumption choice and information choice.

A novel axiom termed “Balance” is utilized to characterize the menu of menus where

the regret cost and instrumental value for an information source are balanced out. More

specifically, given a menu of acts F = {f1, f2, . . . }. An early-commitment scenario is D(F ) ={
{f1}, {f2}, . . .

}
and a full-flexibility scenario is

{
F
}
=
{
{f1, f2, . . . }

}
. Information only

causes regret in an early-commitment scenario whereas it only adds to the instrumental value

in a full-flexibility scenario. The Balance axiom guarantees that the regret generated by any

information for D(F ) is proportional to the instrumental value generated by the same piece

of information for {F}.
We now describe the functional forms identified from our representation theorems.

2Despite its similarity with the main axiom (dominance) of Sarver (2008), our axiom is adapted to be

imposed on the preference over menus of menus of acts instead of menus of lotteries.
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Let Ω and X be finite sets of states and outcomes, respectively.

An information structure is a mapping σ : Ω → ∆(S) where S is a finite set of signals.

An act is a mapping f : Ω → ∆(X). Let F be a menu of acts and F a menu of menus. The

informational tradeoff (IT) representation for a pair (F, σ) is

W (F, σ) := max
F∈F

∑
s∈S

σs

[
U(F, µσ

s )−R(F,F, µσ
s )
]

(1)

where σs is the ex-ante probability that signal s is generated while µσ
s is the Bayesian posterior

if s is observed,3 and

U(F, µσ
s ) := max

f∈F

∑
ω∈Ω

µσ
s (ω)u

(
f(ω)

)
captures the material value of a menu F under posterior µσ

s , where u : ∆(X) → R is an

affine function over lotteries that captures the agent’s taste over outcomes, and

R(F,F, µσ
s ) := K

[
max
G∈F

U(G, µσ
s )− U(F, µσ

s )

]
captures the agent’s regret for having chosen menu F from a set of menus F at posterior

µσ
s . That is, the agent’s regret is proportional to the difference of the material value for the

menu she has chosen and the highest material value she could have obtained from another

menu in F. The intensity of regret is captured by the scalar K ≥ 0.

In a SIT representation, a menu of menus of acts F is evaluated by

V (F) = max
F∈F

∑
s∈S

σs

[
U(F, µσ

s )−R(F,F, µσ
s )
]

(2)

where σs, µ
σ
s , U(F, µσ

s ) and R(F,F, µσ
s ) are the same as in the IT representation. Although

W (·, ·) and V (·) correspond to the same functional form, they describe functions over dif-

ferent domains. In particular, the information structure σ is a choice variable in an IT

representation while it is an unobserved parameter in a SIT representation.

The SIT representation generalizes two well-established representations in the literature:

The regret representation in Sarver (2008) and the subjective learning representation in

Dillenberger, Lleras, Sadowski, and Takeoka (2014, henceforth DLST).

We establish uniqueness of all parameters in both the IT representation and the SIT

representation. In particular, we solve the non-identification problem in Sarver (2008) where

the regret intensity parameter K cannot be uniquely identified.

We proceed by illustrating our representations with the following numerical example.

3Formally, σs =
∑

ω∈Ω π(ω)σ(s | ω) where π ∈ ∆(Ω) is a prior and σ(s | ω) is the probability for

observing signal s when the state is ω. For any signal s with σs > 0, the Bayesian posterior µσ
s ∈ ∆(Ω) is

µσ
s (ω) =

π(ω)σ(s|ω)
σs

. Without loss of generality, we set the posterior µσ
s to be uniform if σs = 0.
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A numerical example. A college student aims to get a job with the best career prospect

upon graduation. Each job is modeled as an act depending on the general labor market

condition. Each major is a menu of jobs: the economics major could be Econ = {b, c}
whereas the computer science major could be CS = {c, e} where b, c, e stands for banking

(b), consulting (c) and engineer (e), respectively. Colleges are modeled as menus of majors

with F1 = {Econ, CS} = {{b, c}, {e}}, and F2 = {Econ} = {{b, c}}.
Uncertainty about career prospects can be captured by a binary state space Ω = {ω1, ω2}.

The student’s prior belief is π(ω1) = π(ω2) = 0.5. The state-dependent utility is in table (a).

u b c e

ω1 110 100 130

ω2 60 90 50

(a) State-dependent utilities.

σ s1 s2

ω1 1 0

ω2 0 1

(b) A revealing information structure.

Suppose K ≥ 0 and that the student learns the true state upon graduation, which

corresponds to a fully revealing Blackwell experiment as in table (b).

We first illustrate the SIT representation. Suppose the student has chosen the economics

major from F1, her ex-post regret will be R(Econ, F1, s1) = 20K if signal s1 is observed and

0 if signal s2 is observed.
4 The material utility (U) and ex-post regret (R) for choosing each

major from F1 can be summarized by the following tables.

U Econ CS

s1 110 130

s2 90 50

(a) Ex-post material utility.

R Econ CS

s1 20K 0

s2 0 40K

(b) Ex-post regret.

The ex-ante probability for each signal is σs1 = σs2 = 0.5. Therefore, the expected net

value is 100 − 10K for the economics major in F1, and 90 − 20K for the computer science

major. SinceK ≥ 0, the student would choose Econ from F1. Therefore, V (F1) = 100−10K.

The value for F2 is V (F2) = 100. With K > 0, the student would strictly prefer College

2 over College 1 because College 1 only exposes her to regret by offering the CS major.

To illustrate the IT representation, consider the parametrized information structures

σθ s1 s2

ω1 θ 1− θ

ω2 1− θ θ

4The signal s1 reveals the state to be ω1. The student’s best option is b with u(b(ω1)) = 110 while career

e with u(e(ω1)) = 130 is no longer available. Calculation for R(Econ, F1, s2) is similar.
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where θ ∈ [0.5, 1] is a parameter for the precision of the signals.

Suppose a student from College 1 can control the precision θ. Applying the IT represen-

tation, we have W (F1, σ1) = 100−10K and W (F1, σ0.5) = 95. Therefore, as long as K > 0.5,

the student would prefer no information (θ = 0.5) to full information (θ = 1).

In Figure 1, we vary θ from 0.5 to 1 and draw the value of information as a function

of θ. The upper curve corresponds to a regret intensity K = 0.4 while the lower curve

is drawn under K = 0.8. Both curves are non-monotonic, thus allowing room for both

information-avoiding and information-seeking behavior.

0.5 0.75 1

90

92

94

96

θ

K = 0.4
K = 0.8

Figure 1: Value of Information σθ, W (F1, σθ), as a function of θ

The remainder of the paper is organized as follows. We set up the model in Section

2. We provide an axiomatization for the SIT representation in Section 3 to build towards

the axiomatic theorem for the IT representation in Section 4. Section 5 concludes with a

discussion of the related literature and an extension.

2 The Model

Let Ω be a finite set of states with |Ω| ≥ 2. An information structure is a Blackwell

experiment σ : Ω → ∆(S) where S ⊆ [0, 1] is a finite set of signals.5 We write σ(s | ω) to
denote the probability of observing signal s when the state is ω. Let I denote the set of all

information structures.

Let X be a finite set of prizes with |X| ≥ 2. An (Anscombe-Aumann) act is a mapping

f : Ω → ∆(X). Let F be the set of all acts, endowed with the Euclidean metric d. A menu

5For finite Y , ∆(Y ) is the probability simplex over Y , equipped with the usual mixture operation.
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is a nonempty compact subset of F , typically denoted by F,G. Let M be the set of all

menus. Endow M with the Hausdorff metric dh.
6 A menu of menus is a nonempty compact

subset of M, typically denoted by F,G. Let D be the set of all menus of menus. We endow

D with the Hausdorff metric dH .
7 Both M and D are compact.8

The set F is equipped with the standard mixture operation. If f, g ∈ F and α ∈ [0, 1],

then αf + (1−α)g is an act defined by
(
αf + (1−α)g

)
(ω) := αf(ω) + (1−α)g(ω). For any

F,G ∈ M and α ∈ [0, 1], αF + (1 − α)G := {αf + (1 − α)g | f ∈ F and g ∈ G}. For any

F,G ∈ D and α ∈ [0, 1], αF+ (1− α)G := {αF + (1− α)G | F ∈ F and G ∈ G}.
The primitive of our model is a binary relation on D × I, representing the agent’s pref-

erence over pairs consisting of a menu of menus and an information structure. We have in

mind an agent facing a three-period decision problem. In period 1, the agent jointly chooses

a menu of menus F and an information structure σ. In period 2, the agent chooses a menu

F from F, anticipating the information to arrive after this choice. A signal s ∈ S is then

generated according to σ and observed by the agent. In period 3, the agent updates her belief

and chooses an act f from F .9 We do not explicitly model the agent’s choices in periods 2

and 3, leaving them as part of the interpretations of the model. The timeline for events is

summarized in Figure 2.

t = 1

menu of menus

choice F

info. choice

σ : Ω → ∆(S)

t = 2

menu choice

F ∈ F

s ∈ S observed

belief updated

t = 3

act choice

f ∈ F

payoff received

f(ω)

Figure 2: Timeline of Events

3 Subjective IT Representation

We first consider a binary relation ≿ on D, that is, the agent’s preference over menus of

menus of acts. The timeline of events in this subdomain is almost identical to that in Figure

2, except that the agent only chooses a menu of menus F in period 1 while the information

structure becomes a preference parameter that is not directly observed by the modeler. We

show in Section 3.1 that this parameter can be elicited from ≿.

6This is the metric defined by dh(F,G) := max {maxf∈F ming∈G d(f, g),maxf∈G ming∈F d(f, g)} .
7dH is defined by dH(F,G) := max {maxF∈F minG∈G dh(F,G),maxF∈G minG∈F dh(F,G)} .
8See, for example, Aliprantis and Border (2006, Theorem 3.85).
9In some applications, it is more realistic for the information choice to be made after the menu choice.

Our model can easily accommodate this change since our agent is both forward-looking and Bayesian.
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Definition 1: A subjective informational tradeoff (SIT) representation is a tuple

(π, u,K, σ) that consists of a probability measure π on Ω, a non-constant affine function

u : ∆(X) → R, a constant K ≥ 0, and an information structure σ : Ω → ∆(S) such that ≿

can be represented by the function V : D → R defined by

V (F) = max
F∈F

∑
s∈S

σs

[
U(F, µσ

s )−R(F,F, µσ
s )
]

(3)

where σs =
∑

ω∈Ω π(ω)σ(s | ω) is the ex-ante probability of signal s, µσ
s is the agent’s

Bayesian posterior after observing s,10 and

U(F, µσ
s ) = max

f∈F

∑
ω∈Ω

µσ
s (ω)u

(
f(ω)

)
(4)

is the highest expected value that can be obtained by an act in F . Moreover,

R(F,F, µσ
s ) = K

[
max
G∈F

U(G, µσ
s )− U(F, µσ

s )

]
(5)

is the regret for having chosen menu F from the menu of menus F after observing signal s.

Lastly, K ≥ 0 represents the agent’s regret intensity.

We impose eight axioms on ≿. The first three axioms are standard in the setting of

preferences over menus of lotteries and are simply adapted to our setting.

Axiom 1—Weak Order: ≿ is complete and transitive.

Axiom 2—Continuity: For any F ∈ D, the sets {G : F ≿ G}, {G : G ≿ F} are closed.

Axiom 3—Independence: For any F,G,H ∈ D and any α ∈ (0, 1),

F ≿ G ⇐⇒ αF+ (1− α)H ≿ αG+ (1− α)H.

We refer readers to Dekel, Lipman, and Rustichini (2001), Dekel, Lipman, Rustichini,

and Sarver (2007) and Kopylov (2009) for a discussion of these axioms.

To state the next axiom, we introduce the notion of a “critical” subset.

Definition 2: We say G is critical for F if G ⊆ F and H ∼ F for any H satisfying

G ⊆ H ⊆ F. We say G is critical for F in F if G ⊆ F ∈ F and (F \ {F}) ∪ {H} ∼ F for any

menu H satisfying G ⊆ H ⊆ F.

In words, if G is critical for F, then menus in F but outside G are irrelevant for the

evaluation of F. The intuition is similar for a menu G being critical for F in F.
10If σs > 0, µσ

s (ω) = π(ω)σ(s | ω)/σs. Without loss, we set µσ
s to be uniform whenever σs = 0.
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Axiom 4—Finiteness: There exists a natural number N such that: (4.1) For every F, there
exists G with |G| < N such that G is critical for F; and (4.2) For every F and every F ∈ F,
there exists G with |G| < N such that G is critical for F in F.

In essence, Axiom 4 states that: Given a menu of menus, only a finite number of menus

within in it and only a finite number of acts within any menu matter for its evaluation. This

restricts the agent to entertain only a finite number of beliefs over Ω as possible posteriors.

Axiom 4 is adapted from the Finiteness axiom from Stovall (2018), who studies prefer-

ences over menus of menus of lotteries. We refer the reader to Stovall (2018) for a more

detailed discussion of this axiom and its connection with the finiteness axioms stated in

Dekel, Lipman, and Rustichini (2009) and Kopylov (2009).

The following axiom is the key to capture regret:

Axiom 5—Ex-Ante Regret: If {F} ≿ {G} and F ∈ F, then F ≿ F ∪ {G}.

Axiom 5 is adapted from the Dominance axiom from Sarver (2008). Contrary to standard

models, Axiom 5 allows for the possibility that F ≻ F ∪ {G}, that is, the agent may strictly

prefer not to add a menu G to a menu of menus F. The exact situations in which the agent

might want to limit the size of a menu of menus are when the added menu G will never be

subsequently chosen from F∪ {G}. Intuitively, if G is not chosen in period 2, then it carries

no instrumental value. However, its presence can cause regret if the information reveals G

to have higher material value than F .

The next axiom reflects the fact that information can still benefit the agent because she

values flexibility for her intermediate choice.

Axiom 6—Interim Preference for Flexibility: F ∪ {F ∪ G} ≿ F ∪ {F,G} for any menu of

menus F and menus F,G.

Note that the two menus of menus in the comparison correspond to the same set of acts

that can be ultimately chosen. They only differ in how much flexibility can be retained after

the arrival of information. The agent can choose F ∪ G from the menu of menus on the

left hand side and choose acts from both F and G after observing any signal. But she has

to decide between F or G from the right-hand-side menu of menus before the information

arrives. Selecting F means she has to let go acts that are in G but not in F .

We follow a common practice that uses ℓ to also denote the constant act that yields

lottery ℓ in every state. For simplicity, we also write ℓ ≻ ℓ′ for {{ℓ}} ≻ {{ℓ′}}.

Axiom 7—Nontriviality: There exist lotteries ℓ, ℓ′ ∈ ∆(X) with ℓ ≻ ℓ′.

To state the last axiom, we need to introduce the notion of domination.
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Definition 3: An act f dominates act g if f(ω) ≿ g(ω) for all ω ∈ Ω. A menu F

dominates menu G if for any g ∈ G, there exists f ∈ F such that f dominates g. A menu of

menus F dominates G if for any G ∈ G, there exists F ∈ F such that F dominates G.

This definition is built on state-by-state comparisons between acts.

Axiom 8—Domination: (1) If f dominates g, then f ≿ g and {{f, g}} ∼ {{f}}; (2) If F
dominates G, then F ∼ F ∪G.

The first half of part 1 imposes monotonicity to the agent’s preference over acts. The

second half of part 1 states that adding a dominated act to a menu does not change an

agent’s attitude toward the menu. The intuition is that a dominated act contributes to

neither the material value nor the regret. The intuition for part 2 is similar.

Theorem 1: A binary relation ≿ over D has a subjective informational tradeoff repre-

sentation if and only if it satisfies Axioms 1-8.

The proof of Theorem 1 is contained in Appendix B.

The necessity of the axioms is relatively easy to check.

There are two steps to prove the sufficiency of Axioms 1-8. First, we axiomatize a

representation (through Theorem 6) tightly connected with the SIT representation. This so-

called partial regret (PR) representation is for preferences over menus of menus of lotteries.

The PR representation is the counterpart of the SIT representation within a framework using

lotteries. The setup for this framework and preliminary results are contained in Appendix

A. In the second step, we use a sequence of geometric arguments to establish a connection

between preferences over menus of menus of acts (for the SIT representation) and preferences

over menus of menus of lotteries (for the PR representation).

3.1 Uniqueness of the SIT Representation

A distribution over posteriors, denoted by ν, is a finitely-supported probability measure on

∆(Ω). We say that ν is induced by a prior π and an information structure σ : Ω → ∆(S) if

ν(µ) =
∑

s∈S 1[µ = µσ
s ]σs for any µ ∈ ∆(Ω), where 1[·] is the indicator function, and σs and

µσ
s are defined the same as before.

Note from equation (3) that if two information structures σ and σ′ induce the same

distribution over posteriors given a prior π, then the SIT representations with parameters

(π, u,K, σ) and (π, u,K, σ′) represent the same preference over D. Therefore, we can only

identify the information up to the distribution over posteriors it induces (in other words, the

equivalence class of experiments that are Blackwell equivalent).
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We say an information structure σ induces a degenerate distribution over posteriors if

the induced distribution puts weight 1 on the prior belief.

Theorem 2: Suppose both (π0, u0, K0, σ0) and (π, u,K, σ) represent ≿, then π0 = π.

u0 = au + b for some a > 0 and b ∈ R. σ0 and σ induce the same distribution over

posteriors. K0 = K if σ induces a non-degenerate distribution over posteriors. If σ induces

a degenerate distribution over posteriors, then K0, K ∈ [0,∞).

The proof of Theorem 2 is relegated to Appendix C.1.

The identifications of the prior π and the taste u are standard.

Separate identification of the regret intensityK and the information σ is achieved through

applying the SIT representation to two special types of menus of menus.

For any menu F , let D(F ) := {{f} | f ∈ F}. We say a menu of menus F corresponds to

an early-commitment if F = D(F ) for some F .

If F corresponds to an early-commitment, F contain only singleton menus. That is, the

agent has to commit to an act before she receives any information. Thus, information carries

zero instrumental value and only contributes to regret. Formally,

V
(
D(F )

)
= max

f∈F

[
(1 +K)

∑
ω∈Ω

π(ω)u(f(ω))

]
−K

∑
s∈S

max
g∈F

∑
ω

π(ω)σ(s | ω)u(g(ω)). (6)

This corresponds to a finite version of the regret representation characterized in Sarver (2008)

in the framework with acts. As in Sarver (2008), we can jointly identify σ and K as long

as σ does not induce a degenerate distribution over posteriors. However, we run into a

similar problem as in Sarver (2008) when we try to separately identify σ and K using only

the representation in equation (6). The problem is that we might not always be able to

distinguish an agent A who has a large intensity of regret but anticipates an information

structure that is not likely to update her belief away from the prior belief, and another agent

B who has a low level of regret intensity but anticipates an information structure that is

more likely to update her belief away from her prior. More precisely, (σ1, K) and (σ2, 2K)

will generate the same preference according to equation (6) if σ2 is obtained by mixing σ1

with an uninformative Blackwell experiment with equal weights.

Luckily, we can solve this problem by taking advantage of our larger choice domain. We

say that a menu of menus F corresponds to full-flexibility if F = {F} for some menu F . That

is, the agent can make all her relevant decisions after the information arrives. Therefore,

information causes zero regret and only carries instrumental value. With full-flexibility, the

SIT representation reduces to

V
(
{F}

)
=
∑
s∈S

max
f∈F

∑
ω∈Ω

π(ω)σ(s | ω)u(f(ω)). (7)
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Equation (7) corresponds to a finite version of the subjective learning representation charac-

terized in DLST. DLST show that the information structure can be uniquely identified up to

the induced distribution over posteriors. The identification of K follows once σ is identified.

4 Informational Tradeoff Representation

With the axioms for the SIT representation in hand, we switch back to the larger choice

domain D×I. To minimize notation, we use ≿ to denote a binary relation over D×I from

this point on.11

Definition 4: A binary relation ≿ over D × I has an informational tradeoff (IT)

representation if there exists a triple (π, u,K) that consists of a probability measure π on

Ω, a non-constant affine function u : ∆(X) → R, and a constant K ≥ 0 such that ≿ can be

represented by the function W : D × I → R defined by

W (F, σ) := max
F∈F

∑
s∈S

σs

[
U(F, µσ

s )−R(F,F, µσ
s )
]

(8)

where σs, µ
σ
s , material utility for a menu U(F, µσ

s ), and the regret R(F,F, µσ
s ) are all defined

in the same way as before.

As illustrated in the numerical example in the Introduction, given a menu of menus of

acts F, it is possible that W (F, σ) > W (F, σ′) even when σ′ is Blackwell more informative

than σ. Formally, we say an agent avoids information facing F if (F, σ) ≻ (F, σ′) with σ′

being Blackwell more informative than σ. Blackwell’s informativeness theorem dictates that

being Blackwell more informative is equivalent to generating a higher expected utility in any

standard decision problem. Therefore, using such preference reversals is an intuitive (and in

a sense canonical) way to define information avoidance.

Given a preference ≿ over D× I, each information structure σ ∈ I induces a preference

over menus of menus of acts. Formally, a conditional preference ≿σ is a binary relation over

D where we say F ≿σ G if (F, σ) ≿ (G, σ).

In addition to previous axioms for the SIT representation (which will be imposed within

each ≿σ), we impose new axioms to discipline the agent’s choices between menus of menus

across different information structures.

The first one is the standard rationality requirement.

Axiom 9—Weak Order: ≿ (as a preference over D × I) is complete and transitive.

11Jakobsen (2021) uses a similar primitive to axiomatize Bayeisan persuasion models. In his paper, the

modeler observes a sender’s preference over information indexed by menus of acts and a receiver’s choice

correspondence from menus indexed by signals.
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Note that if a binary relation ≿ over D×I is complete and transitive, then the induced

conditional preferences ≿σ must also be complete and transitive.

The next axiom imposes an independence requirement on mixing menus of menus with

acts. For convenience, we write αF+ (1− α)h for αF+ (1− α){{h}}.

Axiom 10—Act Independence: For any (F, σ), (G, σ′), any act h and any α ∈ (0, 1),

(F, σ) ≿ (G, σ′) ⇐⇒ (αF+ (1− α)h, σ) ≿ (αG+ (1− α)h, σ′).

Axiom 10 reflects the intuitive assumption that information should have no impact on

the agent’s preference over acts. This is because the information causes no regret and

generates no instrumental value when the agent is constrained to some
{
{h}
}
. Therefore,

the pair (αF+(1−α)h, σ) can be interpreted as if the agent has chosen σ as her information

structure but faces uncertainty about whether she will get F or {{h}}. In this sense, the

motivation for Axiom 10 is the same as any standard independence axiom.

An information structure σ ∈ I is null (or uninformative) if it always induces a degen-

erate distribution over posteriors under any prior.

Let o : Ω → ∆({0}) denote a specific null information structure. It has only one signal 0

which is obtained with probability one in every state. Our next axiom disciplines the agent’s

behavior when the observed information is exactly o.

Axiom 11—Strategic Rationality under Null Information (SRNI): For any menus F,G, if

{F} ≿o {G}, then {F ∪G} ∼o {F}.

Axiom 11 is motivated by the fact that null information should cause no regret since there

is no change in how the agent evaluate each option. Anticipating o, the agent evaluates any

menu according to its material value under her prior belief. Axiom 11 is the standard

strategic rationality requirement in this situation.

Suppose ≿o has a SIT representation, Theorem 2 guarantees the identification of some

information structure σo. We show that if ≿o also satisfies Axiom 11 (SRNI), then the

identified σo and o both induce a degenerate distribution over posteriors.

Lemma 1: If ≿o has a SIT representation (πo, uo, Ko, io), then ≿o satisfies Axiom 11 if

and only if io induces a degenerate distribution over posteriors.

Proof. “If.” If io induces a degenerate distribution over posteriors, then ≿o is represented by

V o(F) = maxF∈Fmaxf∈F
∑

ω∈Ω π(ω)u(f(ω)). If V o({F}) ≥ V o({G}), then V o({F ∪ G}) =
V o({F}). SRNI is thus satisfied.

“Only if.” Suppose io induces a distribution over posteriors that contains at least two

different elements, µ1 and µ2, in its support. Then by a standard result, there exist two
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acts f and g such that f is strictly better than g in µ1 and g is strictly better than f in µ2.

Therefore, V o({{f, g}}) > max{V o({{f}}), V o({{g}})}, violating SRNI.

The experiment o is not the only null information structure. However, we only need to

impose the SRNI axiom on ≿o because the rest of our axioms will imply that Blackwell

equivalent information structures induce the same conditional preference.

Let σ : Ω → ∆(S) be an information structure and F be a menu. A plan is a mapping

γ : S → F , where γ(s) is the act chosen by the agent if she observes signal s. Intuitively, a

plan describes the agent’s reaction to the information. For example, if F is a singleton with

F = {f}, then the unique plan involves choosing f after every possible signal. For another

example, if F = {f, g} and S = {s1, s2}, then the agent has four different plans. The first is

to choose f after s1 and choose g after s2 (fg in short). The other three are ff , gf and gg.

Given an information structure σ : Ω → ∆(S) and a plan γ ∈ F S, the act induced by σ and

γ, denoted by γσ, is an act defined by γσ(ω) :=
∑

s∈S σ(s | ω)[γ(s)](ω). That is, γσ is obtained
by reducing the “compound act” described by γ and σ by averaging over different signals. To

illustrate, if F = {f, g} and S = {s1, s2}, the information structure σ : Ω → ∆(S) together

with the plan fg describe the following compound act: Contingent on ω being the state of

the world, the agent will obtain f(ω) (when the signal is s1 and she chooses f according

to the plan fg) with probability σ(s1 | ω) and obtain g(ω) with probability σ(s2 | ω). The

induced act (fg)σ is obtained by the convex combination σ(s1 | ω)f(ω) + σ(s2 | ω)g(ω).
Let F S denote the set of all plans fixing F and S.

Definition 5: Fix a menu F and some information structure σ, the menu induced by F

and σ is defined by Fσ :=
{
γσ | γ ∈ F S

}
.

That is, Fσ is obtained by collecting all the acts that can be induced by the information

structure σ and some plan γ ∈ F S. In particular, for singleton menus like F = {f}, the
set of plans F S is a singleton containing only one plan (choosing act f after any signal).

Therefore, the induced menu is Fσ = {f} for any information structure σ.

Axiom 12—Reduction: ({F}, σ) ∼ ({Fσ}, o) for any F and any σ.

Axiom 12 is motivated by the common notion that information carries only instrumental

value (but no intrinsic value) when there is no regret. It states that the agent only cares about

the state-contingent distributions over outcomes generated by the information structure.

An important implication of Axiom 12 is that (f, σ) ∼ (f, o) for any act f and information

structure σ.12 Together with the completeness and transitivity of ≿, Axiom 12 implies that

the agent has a stable preference over acts that is independent of the information structures.

12Similar as before, we abuse notation a little by writing (f, σ) for the pair ({{f}}, σ).
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Our last axiom concerns with mixtures of early-commitments D(F ) and their correspond-

ing full-flexibilities {F}. As it turns out, their interactions have a clear implication on the

regret intensity of an agent.

Axiom 13—Balance: If ({F}, σ1) ≻ ({F}, o), ({G}, σ2) ≻ ({G}, o), α ∈ (0, 1],(
αD(F ) + (1− α){F}, σ1

)
∼ ({F}, o) ⇐⇒

(
αD(G) + (1− α){G}, σ2

)
∼ ({G}, o).

If the agent strictly prefers σ1 to o when facing {F}, then the agent must strictly prefer

o to σ1 when facing D(F ) because the regret for D(F ) is proportionl to the instrumental

value for {F}. The mixture αD(F ) + (1− α){F} effectively describes a scenario where the

agent needs to first choose an act from F , but has uncertainty about whether she has to

stick to this choice (corresponding to D(F )) or she has the chance to re-optimize within F

(corresponding to {F}). Axiom 13 implies that when facing such an uncertainty, there is a

weight α that precisely balances out the expected regret generated from facing D(F ) and

the expected benefit from facing {F}. At this balance point, the agent is indifferent between
facing αD(F ) + (1− α){F} with information σ and facing {F} with no information at all.

Axiom 13 implies the existence of a unique scalar α∗ ∈ (0, 1] such that(
α∗D(F ) + (1− α∗){F}, σ

)
∼ ({F}, o)

for all menu F ∈ M and information structure σ ∈ I. Such a unique balance point α∗ exists

independent of the consumption choice F and the information choice σ because our inter-

pretation for the IT representation involves a single parameter that represents the agent’s

regret intensity in every decision situation.

Theorem 3: A binary relation ≿ over D×I has an informational tradeoff representation

if and only if: (1) ≿ satisfies Weak Order, Act Independence, SRNI, Reduction and Balance;

and (2) ≿σ satisfies Axioms 2-8 for each σ ∈ I.

The proof of Theorem 3 is relegated to Appendix C.2.

4.1 Uniqueness of the IT Representation

As we have seen, non-variation between the agent’s prior and posterior beliefs is a threat to

identification. Since the modeler can observe the agent’s information choice in the IT repre-

sentation, such non-variation could only happen when the agent’s prior belief is degenerate.

We say an agent has a trivial preference over information if (F, σ) ∼ (F, σ′) for all F ∈ D
and σ, σ′ ∈ I. That is, the agent is indifferent between any two information structures

regardless of the menu of menus. The agent has a non-trivial preference over information if

she does not have a trivial preference over information.
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Lemma 2: Suppose ≿ has an IT representation with parameters (π, u,K). This preference

≿ has a trivial preference for information if and only if the prior belief π is degenerate.

Proof. “If.” Suppose π is degenerate, that is, there exists exactly one ω ∈ Ω such that

π(ω) = 1. Then the only possible posterior is µσ
s = π for any information structure σ and

any signal realization s ∈ S. Hence W (F, σ) = W (F, σ′) for all F ∈ D and σ, σ′ ∈ I, and ≿

has a trivial preference for information.

“Only if.” Suppose ≿ has a trivial preference for information, and suppose by contra-

diction that π is non-degenerate. That is, there exists ω, ω′ ∈ Ω such that π(ω), π(ω′) > 0.

Since the taste function u is non-constant. It follows from a standard result that we can

construct two acts f, g such that the agent strictly prefers a fully informative experiment to

a fully uninformative experiment when facing {{f, g}}.

As long as the agent has a non-trivial preference for information, all parameters for the

IT representation can be uniquely identified.

Theorem 4: Suppose ≿ has an informational tradeoff representation (π, u,K) and ≿ has

a non-trivial preference for information. Then (π′, u′, K ′) also represents ≿ if and only if

π′ = π, u′ = au+ b for some a > 0 and b ∈ R, and K ′ = K.

Proof of Theorem 4. The “if” direction is straightforward.

“Only if.” Suppose (π′, u′, K ′) also represents ≿. Then (π, u) and (π′, u′) agree on their

preference for acts. By the standard result from the Anscombe-Aumann framework, π′ = π

and u′ = au + b for some a > 0 and b ∈ R. Since ≿ has a non-trivial preference for

information, the prior π is non-degenerate (Lemma 2). Then the identification of the regret

intensity K follows from Theorem 2.

4.2 Comparing Information Aversion Attitudes

In this section, we focus our attention on agents with non-trivial preferences over informa-

tion. Suppose ≿1, ≿2 each has an informational tradeoff representation with parameters

(π1, u1, K1) and (π2, u2, K2), respectively.

Definition 6: We say that ≿1 is more information averse than ≿2 if

(F, σ) ≿2 (F, σ′) =⇒ (F, σ) ≿1 (F, σ′) (9)

for any F ∈ D and any σ, σ′ ∈ I such that σ′ is Blackwell more informative than σ.

That is, our notion of being “more information averse” requires that whenever agent 2

prefers a less informative experiment to a more informative one given a certain menu of

menus, agent 1 will have the same avoidance given the same menu of menus.
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We focus our attention on comparing the information aversion attitudes between agents

who share the same preference over acts. Formally, we say that ≿1 and ≿2 have the same

preference over acts if (f, σ) ≿1 (g, σ) ⇐⇒ (f, σ) ≿2 (g, σ) for every f, g ∈ F .

Theorem 5: Suppose ≿1 and ≿2 have the same preference over acts, then ≿1 is more

information averse than ≿2 if and only if K1 ≥ K2.

Proof of Theorem 5. Since ≿1 and ≿2 have the same preference over acts, π1 = π2, u2 =

au1 + b for some a > 0 and b ∈ R. Therefore, (π1, u1, K2) also represents ≿2. Let W1,W2 be

the functionals representing ≿1 and ≿2, respectively.

“If.” Suppose K1 ≥ K2. Fix any F ∈ D and σ, σ′ ∈ I such that σ′ ⊵ σ, we want to show

W2(F, σ)−W2(F, σ′) ≥ 0 =⇒ W1(F, σ)−W1(F, σ′) ≥ 0 (10)

It suffices to show that W1(F,σ)−W1(F,σ′)
1+K1

− W2(F,σ)−W2(F,σ′)
1+K2

≥ 0, which holds because

W1(F, σ)−W1(F, σ′)

1 +K1

− W2(F, σ)−W2(F, σ′)

1 +K2

=

(
W1(F, σ)
1 +K1

− W2(F, σ)
1 +K2

)
−
(
W1(F, σ′)

1 +K1

− W2(F, σ′)

1 +K2

)
= − K1

1 +K1

∑
s∈S

σ(s)max
f∈F

U(f, µσ
s ) +

K2

1 +K2

∑
s∈S

σ(s)max
f∈F

U(f, µσ
s )

+
K1

1 +K1

∑
s′∈S′

σ′(s′)max
f∈F

U(f, µσ′

s′ )−
K2

1 +K2

∑
s′∈S′

σ′(s′)max
f∈F

U(f, µσ′

s′ )

=

(
K1

1 +K1

− K2

1 +K2

)[∑
s′∈S′

σ′(s′)max
f∈F

U(f, µσ′

s′ )−
∑
s∈S

σ(s)max
f∈F

U(f, µσ
s )

]
≥ 0,

where the second equality follows from plugging in the equivalent expression ofW and replace

maxB∈Fmaxf∈B with maxf∈F, and the last inequality follows from K1 ≥ K2 and that σ′ is

Blackwell more informative than σ.

“Only if.” Suppose ≿1 is more information averse than ≿2. Suppose by contradiction

that K2 > K1, we want to construct some F such that (F, o) ≿2 (F, i) but (F, i) ≻1 (F, o),
where o is the null experiment and i is the fully informative experiment.

Since ≿1 and ≿2 both have non-trivial preference for information, π1 = π2 is not degener-

ate. Thus, we can find two states ω and ω′ such that π1(ω), π1(ω
′) > 0. Let η = π1(ω)

π1(ω)+π1(ω′)
.

Consider the following three acts f, g, h ∈ F :

u ◦ f u ◦ g u ◦ h
ω 1

η
0 1

ω′ 0 y 1

ω̂ ∈ Ω \ {ω, ω′} 0 0 0

(11)
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where y ∈ ( K1

1+K1
, K2

1+K2
). Let F = {{f, g}, {h}}. Then

W1(F, o) = W2(F, o) = max
{
π · 1

η
, (1− η)y, 1

}
= 1 (12)

W1(F, i) = 1 + (1− η)y − (1− η)K1(1− y) > 1 (13)

W2(F, i) = 1 + (1− η)y − (1− η)K2(1− y) ≤ 1 (14)

Such an F can always be constructed when K2 > K1. This completes the proof.

5 Discussion and Extension

We conclude by discussing some related literature and an extension.

5.1 Related Literature

We are not the first to model regret as the difference between what the agent actually

gets from a certain choice and the counterfactual best outcome she could have got if she

made a different choice.13 Sarver (2008) is the first to unveil the possibility of identifying

regret through preferences over menus. Sarver (2008) develops an axiomatic model in which

an agent anticipates regret from the resolution of her subjective uncertainty regarding her

taste over lotteries. His dominance axiom helps to differentiate regret from other motives for

desiring a smaller menu, like temptation. Our paper is similar in spirit to capture regret, but

we study preferences over a larger choice domain with an emphasis on the role of information.

This larger choice domain also helps us to overcome the identification issue for the parameter

of regret intensity in Sarver (2008). Buturak and Evren (2017) axiomatize a similar utility

representation to explain choice overload where an agent tends to stick more to the default

option when there are more options to choose from.

In both papers, the only relevant choice by the agent is made before their subjective

uncertainty about their taste is resolved. Thus, this resolution is not beneficial for their

future choices. Our model explicitly allows the co-existence of regret for past choices and

benefit for future choices.

We are not the first to attempt to build a theoretical model that can account for infor-

mation avoidance either. Golman, Hagmann, and Loewenstein (2017) provides a survey on

information avoidance from multiple disciplines. Caplin and Leahy (2001) introduce a psy-

chological state into the standard expected utility framework and build anticipatory feelings

about the future (represented by a belief) directly into the agent’s utility function. This

13Earlier examples include Bell (1982), Loomes and Sugden (1982, 1987) and Sugden (1993).
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framework, even though non-axiomatic, is very general and allows the possibility for infor-

mation avoidance driven by different anticipatory feelings. Kőszegi (2003) utilizes a similar

framework with a focus on patient behavior and builds a model where patients avoid relevant

medical information in order to avoid the anxiety from the anticipation of a potential bad

outcome. Brunnermeier and Parker (2005) model economic agents who can optimally set

their own beliefs facing uncertainty, and such an agent might want to avoid information that

breaks their unwarranted optimistic beliefs. Dillenberger (2010) builds an axiomatic model

that features a preference for one-shot over gradual resolution of uncertainty. As a result,

the agent in his model might behave as if she is averse to some information if the information

represents a partial resolution of uncertainty.

Our paper differs from all these works due to our focus on rationalizing the linkage

between information avoidance and past decisions.

Finally, our work is broadly related to theories on cognitive dissonance (Festinger 1957)

where past decisions could affect subsequent decisions. Yang (2024) axiomatically charac-

terizes a multi-self model where an agent distorts her belief to reconcile with past decisions.

Eyster et al. (2021) studies an agent who distort future decisions to justify past decisions.

Our explanation for information avoidance (as a specific form of cognitive dissonance) does

not involve any belief or choice distortion.

5.2 An Extension

One important property of the IT representation is that the agent only experiences regret

once and the regret is only about her choice of menu. This assumption mainly helps us

to cleanly isolate the tradeoff of the conflicting effects of information from other potential

confounding factors. That said, our model can be made more realistic by allowing the agent

to have regrets over her choice of act (after the state of the world is revealed), her choice of

menu of menus, and/or her choice of information.

In this section, we first discuss a simple extension of our model by allowing the agent

to regret her choice of act. We’ll see that such a relaxation may not result in a change of

the agent’s preference for information. Therefore, the extended model does not necessarily

deliver a different prediction on an agent’s information avoidance behavior even though it

causes the model to be much more complicated and less intuitive.

In addition, we will briefly discuss the reason for not entertaining the regrets for the

choice of menu of menus and the choice of information.

Regretting the choice of act. Consider an agent who might also regret her choice of act

in period 3. This regret could arise because the information arrived before the act choice
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only partially resolves the uncertainty about the state of the world. Recall that the agent’s

choice of act is based on a posterior belief, and this posterior belief is not degenerate in

general. Therefore, it might be that the agent observes the true state of the world after

she receives her payoff, and regret her choice of act if another act might be better given the

realized state. To model this, consider the following variation of the IT representation

W1(F, σ) := max
F∈F

∑
s∈S

σ(s)
[
Ũ(F,F, µσ

s )−R(F,F, µσ
s )
]

(15)

where σ(s), µσ
s , and the regret term R(F,F, µσ

s ) are defined as before. That is,

R(F,F, µσ
s ) = K0

[
max
G∈F

max
g∈G

∑
ω∈Ω

µσ
s (ω)u

(
g(ω)

)
−max

f∈F

∑
ω∈Ω

µσ
s (ω)u

(
f(ω)

)]
where K0 ≥ 0 represents the regret intensity. However, the “material utility” of a menu F

under a posterior belief µσ
s , denoted by Ũ , is now also dependent on the menu of menus F

from which it is chosen. Formally,

Ũ(F,F, µσ
s ) := max

f∈F

∑
ω∈Ω

µσ
s (ω)

[
u
(
f(ω)

)
− R̃(f, F,F, ω)

]
(16)

where R̃(f, F,F, ω) is the regret for choosing f if the state turns out to be ω. Formally,

R̃(f, F,F, ω) := K1

[
max
G∈F

max
g∈G

u
(
g(ω)

)
− u
(
f(ω)

)]
+K2

[
max
h∈F

u
(
h(ω)

)
− u
(
f(ω)

)]
(17)

where the first term reflects the agent’s regret toward the counterfactual outcome she could

get if she can re-optimize her choice of menu, while the second term reflects the agent’s regret

toward the counterfactual outcome she could get if she can only re-optimize her choice of act

from the chosen menu F . Parameters K1, K2 ≥ 0 represent the respective regret intensities.

Thus, utility W1 in the form of equation (15) has five parameters, (π, u,K0, K1, K2).

We are interested in comparing two agents’ attitudes toward information. The first one is

an agent who can be represented by an IT representation W with parameters (π, u,K), and

the second one is an agent who can be represented by W1 with parameters (π, u,K0, K1, K2).

The following lemma states that under some regularity conditions about the regret intensities,

the possibility of experiencing about her act choice will not change an agent’s preference for

information given any menu of menus.

Lemma 3: If representations W and W1 share the same parameters (π, u) and the regret

intensity parameters satisfy K = K0

1+K1
and K2 = 0, then

W (F, σ) ≥ W (F, σ′) ⇐⇒ W1(F, σ) ≥ W1(F, σ′)

for any menu of menus F and information structures σ, σ′ ∈ I.
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Proof. See Appendix C.5.

When K2 = 0, the agent’s regret about her choice of act comes solely from the counter-

factual comparison with what she could have got from the entire menu of menus F. This

part will depend only on her prior belief but not on her choice of information. And the

relative regret intensity levels need to satisfy K = K0/(1 +K1). The result hinges on these

parametric assumptions. That is, if the relative strength of the regret is mismatched or if

the agent’s regret about her act choice also comes from the counterfactual comparison with

what she could have got from the menu she has chosen, then her preference over information

could change. The assumption that K2 = 0 also reflects the subtlety we must face when

considering regret in a multiple stage setup: We must be precise about what is the reference

point (i.e., the counterfactual outcome) the agent is considering for her comparison.

Regretting the choice of menu of menus. It is also natural to think about a variation of

the IT representation where the agent also regrets her period-1 choice (the choice of menu of

menus). This would correspond to a student regretting her college choice (in addition to the

major choice). Sarver (2008) provides a nice interpretation that could also apply to our IT

representation. That is, our representations do not rule out the possibility for the agent to

regret her period-1 choice. Instead, our representations can be interpreted as the additional

regret from the menu choice on top of the regret from the choice over menu of menus. We

refer interested readers to section 4.3 of Sarver (2008) for more details.

Regretting the choice of information. In an IT representation, there is no regret asso-

ciated with the information choice. We believe this is a reasonable first step to take when

modeling explicit preference over information. It is conceivable that a myopic agent might

feel a sense of regret in the future for make “bad” decisions due to the lack of information.

However, our information preference is over Blackwell experiments, not their signal realiza-

tions. Thus, there seems to be no obvious answer on if or how one should model such a regret

in information choice. We believe this could be an intriguing avenue for future research.

A The Framework with Lotteries

Let Z be a finite set of outcomes. Let ∆(Z) denote the set of lotteries over Z, with typical

elements p, q. Endow ∆(Z) with the standard Euclidean metric. A menu is a nonempty

compact subset of ∆(Z). Let M̂ denote the set of all menus, with typical elements A,B.

Endow M̂ with the Hausdorff metric. A menu of menus is a nonempty compact subset of

M̂. Let D̂ denote the set of all menus of menus, with typical elements A,B. Endow D̂ with

the Hausdorff metric.
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Definition 7: Let {U1, . . . , Um} be a collection of continuous linear functions from M̂ to

R. We say this collection is redundant if there exists Ui that is constant or if there exists

i ̸= j such that Uj = αUi+β for some α > 0 and β ∈ R. We say a collection is non-redundant

if it is not redundant.

Similarly, if {u1, . . . , un} is a collection of expected utility functions over ∆(Z), then we

say this collection is redundant if there exists ui that is constant or if there exists i ̸= j

such that uj = αui + β for some α > 0 and β ∈ R. We take the convention that an empty

collection is not redundant. Let V :=
{
v ∈ RZ |

∑
z∈Z vz = 0

}
denote the set of normalized

expected utilities over ∆(Z). Let U :=
{
u ∈ RZ :

∑
z∈Z uz = 0,

∑
z∈Z u2

z = 1
}
denote the set

of doubly normalized expected-utility functions on ∆(Z).

Lemma 4: Let {ui}i∈I be a collection of normalized expected utility functions over ∆(Z),

and let U : M̂ → R be defined by U(A) :=
∑

i∈I maxp∈A ui(p). Then, U(A) = 0 for all

A ∈ M̂ if and only if ui(p) = 0 for all i ∈ I and all p ∈ ∆(Z).

Proof of Lemma 4. The “if” part is straightforward. For the “only if” part, let J ⊆ I

be a maximal collection of non-redundant subset of I. That is, for any i ∈ I \ J , ui is

constant or there exists some j ∈ J such that ui = αuj for some α > 0. It suffices to

show that U(A) ≡ 0 implies J = ∅. Suppose by contradiction that |J | = 1 with J = {uj}.
Then U(A) = Lmaxp∈A uj(p) with some L > 0. Thus, uj(p) =

U({p})
L

= 0 for all p ∈ ∆(Z),

contradiction. Suppose by contradiction that |J | ≥ 2, then by a standard result (Lemma A.1

of Kopylov 2009), there exists A = {pj}j∈J such that pj is the unique maximizer of uj in A.

Fix any k ∈ J , U(A) =
∑

j∈J Ljuj(pj) >
∑

j∈J Ljuj(pk) = U({pk}) = 0, contradiction.

A.1 The Partial Regret Representation

Definition 8: A binary relation ≿ over D̂ has a partial regret (PR) representation if there

exists a finitely-supported probability measure µ over U and a scalar K ≥ 0 such that ≿ is

represented by the function V̂ : D̂ → R defined by

V̂ (A) = max
A∈A

∑
u∈supp(µ)

µ(u)

[
max
p∈A

u(p)−R(A,A, u)
]

(18)

where R(A,A, u) := K [maxB∈Amaxp∈B u(p)−maxp∈A u(p)] .

A useful equivalent expression for the PR representation is

V̂ (A) = (1 +K)max
A∈A

∑
u∈supp(µ)

µ(u)max
p∈A

u(p)−K
∑

u∈supp(µ)

µ(u)max
B∈A

max
q∈B

u(p)
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Following are the axioms for the PR representation.

Axiom A.1—Weak Order: ≿ is complete and transitive.

Axiom A.2—Continuity: For any A, the sets {B : B ≿ A}, {B : A ≿ B} are closed.

Axiom A.3—Independence: If A ≻ B, then αA+ (1−α)C ≻ αB+ (1−α)C for any C and

α ∈ (0, 1].

Definition 9: Let A be a menu of menus. Say that B is critical for A if B ⊆ A and

B′ ∼ A for all B′ satisfying B ⊆ B′ ⊆ A. Say that B is critical for A in A if B ⊆ A ∈ A and

(A \ {A}) ∪ {B′} ∼ A for all B′ satisfying B ⊆ B′ ⊆ A.

Axiom A.4—Finiteness: There exists a natural number N such that: (4.1) For every A,
there exists B with |B| < N such that B is critical for A; and (4.2) For every A ∈ D and

every A ∈ A, there exists B with |B| < N such that B is critical for A in A.

Axiom A.5—Ex-Ante Regret: If {A} ≿ {B} and A ∈ A, then A ≿ A ∪ {B}.
Axiom A.6—Interim Preference for Flexibility: For any menu of menus A and menus A,B,

A ∪ {A ∪B} ≿ A ∪ {A,B}.

Axiom A.7—Inclusion: If B ⊆ A and A ∈ A, then A ∪ {B} ≿ A.
Axiom A.8—Nontriviality: There exists A and B such that B ⊆ A with A ≻ B.

Axioms A.1-A.5 corresponds to Axioms 1-5, respectively. The inclusion axiom (Axiom

A.7) corresponds to a weakened version of the domination axiom (Axiom 8), and the non-

triviality axiom (Axiom A.8) is stated slightly different than Axiom 7.

Theorem 6: A binary relation ≿ over D̂ has a partial regret representation if and only

if it satisfies Axioms A.1-A.8.

A.2 Proof of Theorem 6

We start by establishing a nested DLR representation from Axioms A.1-A.4. DLR refers to

Dekel, Lipman, and Rustichini (2009).

Definition 10: A binary relation ≿ over D̂ has a nested DLR representation if ≿ can

be represented by VDLR(A) =
∑

i∈I+ maxA∈A Ui(A)−
∑

i∈I− maxA∈A Ui(A) where I
+ is the

index set for the positive states and I− is the index set for the negative states and {Ui}i∈I+∪I−

is a non-redundant (it is without loss to assume I+∩I− = ∅). Let I := I+∪I−. For each i ∈ I,

Ui : M̂ → R has a DLR representation Ui(A) =
∑

k∈Pi
maxp∈Awik(p)−

∑
j∈Ni

maxp∈A vij(p)

where Pi is the index set for the positive substates for Ui and Ni is the index set of negative

substates for Ui (it is without loss to assume Pi ∩ Ni = ∅) and {wk}k∈Pi
∪ {vj}j∈Ni

is a

non-redundant collection of normalized expected utilities over ∆(Z).
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Lemma 5: A binary relation ≿ over D̂ has a nested DLR representation if and only if it

satisfies Axioms A.1-A.4.

Lemma 5 follows from Theorem 5 of Stovall (2018).

The rest of the proof mainly focuses on fine-tuning the states and substates in the nested

DLR representation through the other axioms.

Axiom A.9—Strong Ex-Ante Regret: If for any B ∈ B, there exists A ∈ A such that

{A} ≿ {B}, then A ≿ A ∪ B.

Axioms A.5 and A.9 are equivalent when Axioms A.1 and A.2 are satisfied.

Lemma 6: Suppose ≿ satisfies Axioms A.1 (Weak Order) and A.2 (Continuity), then it

satisfies Axiom A.5 if and only if it satisfies Axiom A.9.

Proof. The “if ” part is straightforward.

“Only if.” Suppose ≿ satisfies Axiom A.5, and suppose two menus of menus of lotteries A
and B are such that for all B ∈ B, there exists A ∈ A such that {A} ≿ {B}.

First note that M̂ is compact with the Hausdorff metric. Therefore, M̂ is separable.

We can thus choose a countable dense subset of B, say B∗ = {Bi | i ∈ N}. Define a

sequence of menus of menus (Bn)n∈N by Bn = {B1, B2, . . . , Bn}. Then Bn ⊆ Bn+1 for all

n and B∗ =
⋃∞

n=1 Bn. By a standard result, (Bn)n∈N converges to the closure of B∗, that

is, Bn → B∗ = B as n goes to infinity. Note that B1 ∈ B∗ ⊆ B, so there exists A1 ∈ A
such that {A1} ≿ {B1} by assumption, and Axiom A.5 implies that A ≿ A ∪ {B1}. Let

A1 = A ∪ {B1} = A ∪ B1. Similarly, B2 ∈ B∗ ⊆ B, so there exists A2 ∈ A such that

{A2} ≿ {B2}, and Axiom A.5 implies that A1 ≿ A1 ∪ {B2}. Let A2 = A1 ∪ {B2} = A ∪ B2.

By transitivity, A ≿ A1 and A1 ≿ A2 imply that A ≿ A2 = A ∪ B2. By an induction

argument, A ≿ A ∪ Bn for all n. Therefore, A ∪ Bn is in the lower contour set of A for all

n, that is, A ∪ Bn ∈ {C ∈ D̂ | A ≿ C}. Since ≿ satisfies Axiom A.2 (Continuity), this lower

contour set is closed, A ≿ limn→∞ A ∪ Bn = A ∪ B.

Lemma 7: A binary relation ≿ over D̂ satisfies Axioms A.1-A.4 and Axiom A.9 if and

only if the following two conditions hold:

1. ≿ has a nested DLR representation with at most one positive state; and

2. Let v̂(A) := VDLR({A}) =
∑

i∈I+ Ui(A) −
∑

i∈I− Ui(A). There exists a non-negative

scalar α ≥ 0 such that
∑

i∈I+ Ui(A) = αv̂(A) for all A ∈ M̂.

Proof of Lemma 7. “If.” Since ≿ has a nested DLR representation, it satisfies Axioms A.1-

A.4 (by Lemma 5). If |I+| = 0, that is, I+ = ∅, then there is no positive state. Thus,

A ≿ A ∪ B for any two menus of menus A,B ∈ D̂. Axiom A.9 is satisfied.
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If |I+| = 1, then VDLR(A) = maxA∈A U0(A)−
∑

i∈I− maxA∈A Ui(A), where {U0}∪{Ui}i∈I−
is non-redundant. Suppose for any B ∈ B, there exists A ∈ A such that v̂(A) ≥ v̂(B).

Condition 2 implies that α > 0, and U0(A) = α[U0(A) −
∑

i∈I− Ui(A)] for all A ∈ M̂

where U0(A) −
∑

i∈I− Ui(A) = v̂(A) = VDLR({A}). Therefore, condition 2 implies that for

any B ∈ B, there exists A ∈ A such that U0(A) ≥ U0(B), which further indicates that

maxA∈A∪B U0(A) = maxA∈A U0(A). Since A ∪ B ⊇ A, maxA∈A∪B Ui(A) ≥ maxA∈A Ui(A) for

any i ∈ I−. Thus, VDLR(A) ≥ VDLR(A ∪ B), and A ≿ A ∪ B. Axiom A.9 is satisfied.

“Only if.” By Lemma 5, Axioms A.1-A.4 imply the existence of a nested DLR representation

for ≿ as in Definition 10. If |I+| = 0, then I+ = ∅ and there is no positive state, condition

1 is satisfied. And we can set α = 0 so that condition 2 is satisfied.

If |I+| > 0, then I+ ̸= ∅ and there is at least one positive state. It suffices to show that:

If Axiom A.9 is satisfied, then for any positive state i ∈ I+, there exists α > 0 such that

Ui(A) = αv̂(A). Suppose by contradiction that for some i∗ ∈ I+, Ui∗ does not represent the

same preference over M̂ as v̂. Consider three cases:

Case 1: v̂ represents a trivial preference over M̂. That is, v̂(A) = 0 for all

A ∈ M̂. Then there is at least another state in I+ ∪ I− that is different from i∗ (otherwise

v̂(A) = Ui∗(A), contradiction). So there are at least two elements in {Uk}k∈I+∪I− . A standard

result (e.g., Lemma A.1 of Kopylov, 2009) guarantees the existence of a collection of menus

A := {Ak}k∈I+∪I− such that Ak is the unique maximizer of Uk in A for each k ∈ I+ ∪ I−,

and |A| ≥ 2. Let A1 := A \ {Ai∗} and B1 := {Ai∗}. Then A1 ̸= ∅ and for any B ∈ B1,

there exists A ∈ A1 such that {A} ≿ {B} (since v̂(A) = 0 = v̂(B) for any A,B ∈ M̂).

Moreover, maxA∈A1∪B1 Ui∗(A) > maxA∈A1 Ui∗(A) and maxA∈A1∪B1 Uk(A) = maxA∈A1 Uk(A)

for any k ̸= i∗. Therefore, VDLR(A1 ∪ B1) > VDLR(A1), indicating A1 ∪ B1 ≻ A1, violating

Axiom A.9. Contradiction.

Case 2: {v̂} ∪ {Uk}k∈I+∪I− is non-redundant. There are at least two elements (v̂

and Ui∗) in this collection, a standard result (e.g., Lemma A.1 of Kopylov, 2009) guarantees

the existence of a collection of menus A′ := {B} ∪ {Ak}k∈I+∪I− such that B is the unique

maximizer of v̂ in A and Ak is the unique maximizer of Uk in A for each k ∈ I+ ∪ I−.

Consider A′
1 := A′ \ {Ai∗} and B′

1 := {Ai∗}. Then A′
1 ̸= ∅ and A′

1 ≥ B′
1 (since B ∈ A′

1 and

v̂(B) > v̂(Ai∗)). Moreover, maxA∈A′
1∪B′

1
Ui∗(A) > maxA∈A′

1
Ui∗(A) and maxA∈A′

1∪B′
1
Uk(A) =

maxA∈A′
1
Uk(A) for any k ̸= i∗. Therefore, VDLR(A′

1 ∪B′
1) > VDLR(A′

1), indicating A′
1 ∪B′

1 ≻
A′

1, violating Axiom A.9. Contradiction.

Case 3: There exists some j ∈ I+ ∪ I− such that j ̸= i∗ but v̂ represents the

same preference over M̂ as Uj. Then {v̂} ∪ {Uk}k∈I+∪I−\{j} is non-redundant. Similar

arguments as in Case 2 above will lead to a violation of Axiom A.9.
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Lemma 8: Let {Ui}i∈I be a finite and non-redundant collection of continuous lin-

ear functions. If each Ui : M̂ → R has a minimal finite DLR representation Ui(A) =∑
k∈Pi

maxp∈A wik(p)−
∑

j∈Ni
maxp∈A vij(p) where for each i ∈ I, {wik}k∈Pi

∪ {vij}j∈Ni
is a

non-redundant collection of normalized expected utilities on ∆(Z), then there exists a collec-

tion of menus {Ai}i∈I (all in the interior of ∆(Z)) such that:

1. Ui(Ai) > Ui(Aj) for any i ∈ I and any j ̸= i.

2.
∣∣argmaxp∈Ai

wik(p)
∣∣ = 1,

∣∣argmaxq∈Ai
vij(q)

∣∣ = 1 for any i ∈ I, any k ∈ Pi and any

j ∈ Ni. For each i, these maximizers are all distinct from each other.

Proof. See the proof of Lemma 3 of Stovall (2018).

The next lemma states that imposing the Interim Preference for Flexibility axiom is

equivalent to requiring there to be no negative substates in any positive state and at most

one positive substate in any negative state. Formally,

Lemma 9: Suppose ≿ has a nested DLR representation as in Definition 10, then ≿

satisfies Axiom A.6 (Interim Preference for Flexibility) if and only if |Ni| = 0 for all i ∈ I+

and |Pi| ≤ 1 for all i ∈ I−.

Proof of Lemma 9. “If.” For any i ∈ I+, Ui(A ∪ B) ≥ max{Ui(A), Ui(B)} since |Ni| = 0.

Therefore, the positive terms in VDLR(A∪{A∪B}) is weakly larger than the positive terms

in VDLR(A ∪ {A,B}).
For any negative state i ∈ I−: If |Pi| = 0, then Ui(C) = −

∑
j∈Ni

maxp∈C vij(p),

and −Ui(A ∪ B) ≥ max{−Ui(A),−Ui(B)}. If |Pi| = 1, then Ui(C) = maxp∈C wi0(p) −∑
j∈Ni

maxp∈C vij(p). Since maxp∈A∪B wi0(p) = max{maxp∈Awi0(p),maxp∈B wi0(p)}, we can

again conclude that −Ui(A∪B) ≥ max{−Ui(A),−Ui(B)}. Therefore, the negative terms in

VDLR(A ∪ {A ∪B}) is weakly larger than that in VDLR(A ∪ {A,B}).

“Only if.” By assumption, ≿ can be represented by VDLR(A) =
∑

i∈I+ maxA∈A Ui(A) −∑
i∈I− maxA∈A Ui(A) where {Ui}i∈I+∪I− is a non-redundant collection of continuous lin-

ear functions. Let I := I+ ∪ I−. For each i ∈ I, Ui(A) =
∑

k∈Pi
maxp∈Awik(p) −∑

j∈Ni
maxp∈A vij(p), where {wik}k∈Pi

∪{vij}j∈Ni
is a non-redundant collection of normalized

expected-utilities on ∆(Z). Thus, all assumptions of Lemma 8 are satisfied. Therefore, there

exists a collection of menus {Ai}i∈I in the interior of ∆(Z) such that both conditions 1 and

2 in Lemma 8 are satisfied.

Let A = {Ai}i∈I . We first show that |Pi| ≤ 1 for all i ∈ I−. Suppose by contradiction

that |Pi∗ | ≥ 2 for some i∗ ∈ I− (i.e., Ui∗ has two or more positive substates). We want to

find A,B such that VDLR(A ∪ {A ∪B}) < VDLR(A ∪ {A,B}).
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For ease of exposition, we write U∗ for Ui∗ and A∗ for Ai∗ . Similarly, we write P∗ for Pi∗

(the index set of positive substates in i∗), N∗ for Ni∗ , w∗k for wi∗k for any k ∈ P∗ and v∗j for

vi∗j for any j ∈ N∗. For a, b ∈ R, write a ∨ b to denote max{a, b}.
Let pk := argmaxp∈A∗ w∗k(p). Since |P∗| ≥ 2, we can pick k and k′ with k ̸= k′ from P∗.

For any ε > 0, define Aε := A∗ ∪ {pk + εw∗k} and Bε := A∗ ∪ {pk′ + εw∗k′}. Since w∗k is

normalized and pk is in the interior of ∆(Z), a standard result guarantees the existence of

an ε small enough so that pk + εw∗k is also in the interior of ∆(Z).

Note that for any ε > 0, w∗k(pk + εw∗k) = w∗k(pk) + ε∥w∗k∥2 > w∗k(pk). Therefore,

maxp∈Aε w∗k(p) = w∗k(pk) ∨ w∗k(pk + εw∗k) = w∗k(pk) + ε∥w∗k∥2, and

max
p∈Bε

w∗k(p) = w∗k(pk) ∨
(
w∗k(pk′) + εw∗k(w∗k′)

)
Since w∗k(pk′) < w∗k(pk), there exists ε1 > 0 with w∗k(pk′)+ε1w∗k(w∗k′) < w∗k(pk), which fur-

ther indicates that maxp∈Bε1 w∗k(p) = w∗k(pk). With similar arguments, we could find some

ε2 > 0 such that maxp∈Bε2 w∗k′(p) > w∗k′(pk′) = maxp∈Aε2 w∗k′(p). Let ε3 := min{ε1, ε2},

max
p∈Aε3

w∗k(p) > w∗k(pk) = max
p∈Bε3

w∗k(p)

max
p∈Aε3

w∗k′(p) = w∗k′(pk′) < max
p∈Bε3

w∗k′(p).

Note that U∗(A
ε3 ∪ Bε3) =

∑
k∈P∗

maxp∈Aε3∪Bε3 w∗k(p) −
∑

j∈N∗
maxp∈Aε3∪Bε3 v∗j(p). More-

over, we have U∗(A
ε3) =

∑
k∈P∗

maxp∈Aε3 w∗k(p) −
∑

j∈N∗
maxp∈Aε3 v∗j(p) and U∗(B

ε3) =∑
k∈P∗

maxp∈Bε3 w∗k(p)−
∑

j∈N∗
maxp∈Bε3 v∗j(p). For each j ∈ N∗,

max
p∈Aε3∪Bε3

v∗j(p) = max
p∈A1

v∗j(p) ∨ v∗j(pk + ε3w∗k) ∨ v∗j(pk′ + ε3w∗k′).

Since A∗ is finite and v∗j has a unique maximizer in A∗ that is not pk or pk′ , we have a small

number εj > 0 with εj < ε3 such that

max
p∈Aεj∪Bεj

v∗j(p) = max
p∈Aεj

v∗j(p) = max
p∈Bεj

v∗j(p) = max
p∈A∗

v∗j(p).

Let ε := minj∈N∗ εj, then U∗(A
ε ∪ Bε) > max{U∗(A∗), U∗(A

ε), U∗(B
ε)} because: (i) they

all have the same negative term, and (ii) Aε ∪ Bε must have a strictly larger positive term

because Aε contains a unique maximizer pk + εw∗k in substate k and Bε contains a unique

maximizer pk′ + εw∗k′ in substate k′.

Finally, we can further scale down ε to guarantee that for any i ∈ I with i ̸= i∗,

Ui(Ai) > max{Ui(A
ε ∪Bε), Ui(A

ε), Ui(B
ε)}

because: (i) Ai is the unique maximizer of Ui in A and (ii) Aε ∪ Bε, Aε and Bε can all be

made arbitrarily close to A∗.
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We will then show that |Ni| = 0 for any i ∈ I+. Suppose by contradiction that |Ni∗| ≥ 1

for some i∗ ∈ I+. Since |N∗| ≥ 1, we can fix some j ∈ N∗. Let qj := argmaxp∈A∗ v∗j(p). For

any ε > 0, define Aε := A∗ and Bε = (A∗ \ {qj}) ∪ {qj − εv∗j}. We can find ε small enough

such that qj − εv∗j is in the interior of ∆(Z). For any such ε, v∗j(qj − εv∗j) = v∗j(qj) −
ε∥v∗j∥2 < v∗j(qj) = maxp∈A∗ v∗j(p). We can make ε small enough so that v∗j(qj − εv∗j) =

v∗j(qj)− ε∥v∗j∥2 > maxp∈A∗\{qj} v∗j(p), and

v∗j′(qj − εv∗j) = v∗j′(qj)− εv∗j′(v∗j) < max
p∈A∗

v∗j′(p), ∀j′ ∈ N∗ and j′ ̸= j

w∗k(qj − εv∗j) = w∗k(qj)− εw∗k(v∗j) < max
p∈A∗

w∗k(p), ∀k ∈ P∗

For such an ε, we have U∗(B
ε) > U∗(A

ε) = U∗(A∗) = U∗(A
ε∪Bε). We can further scale down

ε so that Ui(Ai) > Ui(A
ε), Ui(B

ε) for any i ∈ I and i ̸= i∗. Then VDLR(A ∪ {Aε, Bε}) >

VDLR(A ∪ {Aε ∪Bε}), violating Axiom A.6. Contradiction.

Lemma 10 states that imposing the Inclusion axiom is equivalent to requiring there to

be no negative substates in any negative state. Formally,

Lemma 10: Suppose ≿ has a nested DLR representation as in Definition 10, then ≿

satisfies Axiom A.7 (Inclusion) if and only if |Ni| = 0 for any i ∈ I−.

Proof of Lemma 10. “If.” Fix A,B with B ⊆ A. For any i ∈ I−, Ui(A) ≥ Ui(B) since

|Ni| = 0. Since A ∈ A, we must have −maxC∈A Ui(C) = −maxC∈A∪{B} Ui(C). For any

positive state i ∈ I+, maxC∈A∪{B} Ui(C) ≥ maxC∈A Ui(C). Thus, VDLR(A∪{B}) ≥ VDLR(A).

“Only if.” Let A = {Ai}i∈I be constructed the same way as in the proof of Lemma 9. Suppose

by contradiction that |Ni∗| ≥ 1 for some i∗ ∈ I−. For ease of exposition, write U∗ for Ui∗ , A∗

for Ai∗ , P∗ for Pi∗ , N∗ for Ni∗ , w∗k for wi∗k for any k ∈ P∗, and v∗j for vi∗j for any j ∈ N∗.

Since |N∗| ≥ 1, we can fix some j ∈ N∗. Let qj := argmaxp∈A∗ v∗j(p). For any ε > 0,

define Aε := A∗ ∪ {qj − εv∗j} and Bε = (A∗ \ {qj}) ∪ {qj − εv∗j}. We can find ε small

enough such that qj − εv∗j is in the interior of ∆(Z). For any such ε, v∗j(qj − εv∗j) =

v∗j(qj)− ε∥v∗j∥2 < v∗j(qj) = maxp∈A∗ v∗j(p). Moreover, we can make ε small enough so that

v∗j(qj − εv∗j) = v∗j(qj)− ε∥v∗j∥2 > maxp∈A∗\{qj} v∗j(p), and

v∗j′(qj − εv∗j) = v∗j′(qj)− εv∗j′(v∗j) < max
p∈A∗

v∗j′(p), ∀j′ ∈ N∗ and j′ ̸= j

w∗k(qj − εv∗j) = w∗k(qj)− εw∗k(v∗j) < max
p∈A∗

w∗k(p), ∀k ∈ P∗

For such an ε, we have U∗(B
ε) > U∗(A

ε) = U∗(A∗). We can further scale down ε so that

Ui(Ai) > Ui(A
ε), Ui(B

ε) for any i ∈ I and i ̸= i∗. Then VDLR(A∪{Aε, Bε}) < VDLR(A∪{Aε})
(since i∗ ∈ I−), which violates Axiom A.7. Contradiction.
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Now we are ready to present the proof for Theorem 6.

Proof of Theorem 6. “If.” Lemmas 5, 7, 9, 10 imply the neccessity of the axioms.

“Only if.” Axioms A.1-A.4 deliver a nested DLR representation (Lemma 5). Axiom

A.5 guarantees that there is at most one positive state (part 1 of Lemma 7). Axiom A.6

guarantees that there are no negative substates in any positive state and at most one positive

substate in any negative state (Lemma 9). Axiom A.7 guarantees that there are no negetive

substates in any negative state (Lemma 10). Thus, there can be at most one positive state

(which contains only positive substates) and there might be multiple negative states (each

of which contains at most one positive substate and no negative substates).

Therefore, Axioms A.1-A.7 imply that there exists two non-redundant collections of nor-

malized expected utilities over ∆(Z), {wk}k∈P and {vj}j∈N , such that ≿ can be represented

by the function VS : D̂ → R defined by

VS(A) = max
A∈A

∑
k∈P

max
p∈A

wk(p)−
∑
j∈N

max
A∈A

max
p∈A

vj(p). (19)

For convenience, define U0(A) :=
∑

k∈P maxp∈A wk(p), Uj(A) := maxp∈A vj(p) for each j ∈ N
and v̂(A) := VS({A}) =

∑
k∈P maxp∈A wk(p)−

∑
j∈N maxp∈A vj(p). If ≿ can be represented

by VS as defined in equation (19) and ≿ satisfies Axiom A.8, then |P | ≥ 1 and U0 is non-

constant. Otherwise there will be no positive state in the representation and A ≿ B for any

A ⊆ B, violating Axiom A.8.

Since {vj}j∈N is non-redundant, {Uj}j∈N must also be non-redundant.

Lemma 11: If ≿ can be represented by VS defined in equation (19) with |P | ≥ 1 and ≿

satisfies Axiom A.5, then there exists α > 0 such that U0 = αv.

Proof of Lemma 11. We discuss two possible cases.

Case 1: Suppose {U0} ∪ {Uj}j∈N is non-redundant. Then VS(A) := maxA∈A U0(A) −∑
j∈N maxA∈A Uj(A) is a nested DLR representation with exactly one positive state. By

part 2 of Lemma 7, this implies that there exists α > 0 such that U0 = αv.

Case 2: Suppose {U0} ∪ {Uj}j∈N is redundant. By our previous results, {Uj}j∈N is not

redundant and U0 is non-constant. Therefore, there exists some β > 0 and exactly one

j ∈ N such that U0 = βUj. (N cannot be empty, otherwise U0 is the only function in the

collection and {U0} is not redundant.) It must be that β > 1, otherwise there will be no

positive state (U0 is absorbed by Uj) and Axiom A.8 will be violated. U0 = βUj means

that
∑

k∈P maxp∈A wk(p) = βmaxp∈A vj(p) for any menu A. Now this can only happen

when |P | = 1, otherwise the LHS will exhibit strict preference for flexibility in some cases
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while the RHS will always exhibit strategic rationality. Let P = {k}, then wk = βvj, and

U0 = βmaxp∈A vj(p). Let U ′
0 := (β − 1)Uj, then {U ′

0} ∪ {Uj′}j′∈N, j′ ̸=j is non-redundant.

Then we can apply Lemma 7 again so that there exists α > 0 with U ′
0 = αv̂ where

v̂(A) := VS({A}) = U0(A)−
∑
j∈N

Uj(A) = U ′
0(A)−

∑
j′∈N, j′ ̸=j

Uj′(A).

Therefore, U0 =
β

β−1
U ′
0 =

β
β−1

(αv̂), and U0 = α′v̂ where α′ = αβ
β−1

> 0.

Thus, Axioms A.1-A.8 guarantee the existence of some α > 0 such that U0 = αv̂. That

is,
∑

k∈P maxp∈Awk(p) = α
[∑

k∈P maxp∈Awk(p)−
∑

j∈N maxp∈A vj(p)
]
, which further in-

dicates that ∑
j∈N

max
p∈A

vj(p) =
α− 1

α

∑
k∈P

max
p∈A

wk(p). (20)

Claim: For equation (20) to hold, it must be that α ≥ 1.

Proof of the Claim. Suppose by contradiction that α < 1. Then (α − 1)/α < 0, and the

RHS of equation (20) will represent a preference that exhibits the opposite of preference for

flexibility, while the LHS of equation (20) represents a preference that exhibits preference

for flexibility, contradiction.

If α = 1, then for any menu A,
∑

j∈N maxp∈A vj(p) = 0. By Lemma 4, this indicates

that N = ∅. And VS(A) = maxA∈A
∑

k∈P maxp∈A wk(p) with |P | ≥ 1. We can get a PR

representation by setting K = 0 and (doubly) normalizing each wk.

If α > 1, then |N | ≥ 1, and for any menu A,

U0(A) =
∑
k∈P

max
p∈A

wk(p) =
α

α− 1

∑
j∈N

max
p∈A

vj(p),

which further indicates that

VS(A) = max
A∈A

[
α

α− 1

∑
j∈N

max
p∈A

vj(p)

]
−
∑
j∈N

max
A∈A

max
p∈A

vj(p).

Since α > 1, we can get a PR representation by setting K = α−1 > 0, (doubly) normalizing

each vj and scaling everything up by multiplicating K.

A.3 Uniqueness of the PR representation

Let V̂ be a PR representation for ≿ with parameters (µ,K). Define v̂ : M̂ → R, for any

menu A ∈ M̂, by v̂(A) := V̂ ({A}) =
∑

u∈supp(µ) µ(u)maxp∈A u(p). That is, v̂ represents a

preference over M̂ generated by ≿ restricting to singleton menus of menus (menus of menus
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containing only one menu). This is a special case of the representation captured in Dekel

et al. (2001) and Dekel et al. (2007) with preference for flexibility. Their identification results

indicate that µ is uniquely identified. Formally,

Lemma 12: Suppose both (µ,K) and (µ′, K ′) represent ≿, then µ′ = µ.

To identify K, we follow steps similar to that in Sarver (2008). Define r̂ : D̂ → R, for
any menu of menus A ∈ D̂, by r̂(A) := minA∈A

∑
u∈supp(µ) µ(u)R(A,A, u) Thus, r̂(A) is the

agent’s minimal expected regret facing A. Given a menu of menus A, the menu A that

maximizes v also minimizes expected regret. Therefore, for any A ∈ D̂, the agent will choose

A ∈ A to maximize v(A), and V̂ (A) = maxA∈A v̂(A)− r̂(A).

Theorem 7: Two PR representations (µ,K) and (µ′, K ′) represent the same preference

≿ if and only if v̂′ = v̂ and r̂′ = r̂.

Proof of Theorem 7. The “if” part is straightforward. For the “only if” part, suppose (µ,K)

and (µ′, K ′) represent the same preference. The mixture space theorem guarantees that there

exists α > 0 such that v̂′ = αv̂ and r̂′ = αr̂. Then by Lemma 12, µ′ = µ implies that v̂′ = v̂.

Thus, α = 1, and r̂′ = r̂.

We then rule out a less interesting case where Axiom A.5 is trivially satisfied.

Lemma 13: Suppose ≿ has a PR representation with parameters (µ,K), then the following

are equivalent: (1) r̂(A) = 0 for all A ∈ D̂; (2) ≿ satisfies monotonicity. That is, if B ⊆ A,
then A ≿ B; (3) K = 0 or µ = δu for some u ∈ U (or both).

Proof of Lemma 13. 1 =⇒ 2: Suppose r̂(A) = 0 for all A ∈ D̂. If A ⊇ B, then V̂ (A) =

maxA∈A v̂(A) ≥ maxB∈B v̂(B) = V̂ (B). Thus, A ≿ B.
2 =⇒ 1: Suppose r̂(A) > 0 for some A ∈ D̂. Let A ∈ argmaxB∈A v̂(B), then {A} ⊆ A but

{A} ≻ A since V̂ ({A}) = v̂(A) while V̂ (A) = v̂(A)− r̂(A).
1 =⇒ 3: Suppose by contradiction that K > 0 and |supp(µ)| ≥ 2, then there exists a

menu of lotteries A0 = {pu}u∈supp(µ) such that pu is the unique maximizer of u in A. Let

A := {A0}. Then, r̂(A) = minp∈A0

∑
u∈supp(µ) µ(u)K [maxq∈A0 u(q)− u(p)]. But for any

pu ∈ A0, maxq∈A0 u
′(q)− u′(p) > 0 for any u′ ̸= u. So r̂(A) > 0.

A PR representation is nontrivial if there exist A, B such that B ⊆ A but B ≻ A.

Theorem 8: Suppose ≿ has a nontrivial PR representation and ≿ has two PR represen-

tations (µ,K) and (µ′, K ′), then µ′ = µ and K ′ = K.

Proof. µ′ = µ by Lemma 12, and by Theorem 7, v̂′ = v̂, r̂′ = r̂. Since ≿ has a nontrivial PR

representation, K,K ′ > 0. Since µ′ = µ, it must be that r̂(A)/K = r̂′(A)/K ′ for all A ∈ D̂.

Thus, r̂(A) = r̂′(A) for all A implies that K ′ = K.
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B Proof of Theorem 1

To save space, we omit the proof for the necessity of these axioms from the main text.

Interested readers can find the complete proof in the online appendix. Here we focus on the

proof for the sufficiency of Axioms 1-8.

We have characterized the partial regret (PR) representation in Appendix A. The PR

representation looks very similar to the SIT representation, only with the caveat that it is

in the framework of menus of menus of lotteries. In this proof, we will connect Axioms 1-8

in the main text with Axioms A.1-A.8 in the lottery framework in Appendix A through two

translations. The first translation will be from the preference over menus of menus of acts

to menus of menus of “utility acts,” and the second translation will be from the menus of

menus of “utility acts” to menus of menus of lottery.

A useful equivalent expression of the SIT representation is

V (F) = max
F∈F

[
(1 +K)

∑
s∈S

max
f∈F

∑
ω∈Ω

π(ω)σ(s | ω)u(f(ω))

]
−K

∑
s∈S

max
G∈F

max
g∈G

∑
ω∈Ω

π(ω)σ(s | ω)u(g(ω))
(21)

Step 1: From ≿ to a preference over “menus of menus of utility acts.”

Note that Axioms 1-3 imply their corresponding axioms (weak order, continuity and in-

dependence) over acts (i.e., menu of menus containing only one singleton menu, like {{f}}).
Axioms 7 (Nontriviality) and part 1 of Axiom 8 (Domination) imply the nontriviality ax-

iom and the monotonicity axiom in the Anscombe-Aumann framework. Therefore, by the

standard result from the Anscombe-Aumann framework (see, for example, Kreps 2018), Ax-

ioms 1-3, 7 and 8 imply that there exists a unique probability measure π̄ ∈ ∆(Ω) and a

surjective affine utility index u : ∆(X) → [0, 1] such that the preference ≿ restricting to

acts can be represented by V (f) :=
∑

ω∈Ω π̄(ω)u
(
f(ω)

)
. For any act f ∈ F , the composition

u ◦ f : Ω → [0, 1] specifies the utility associated with f in each ω. We call this the utility act

induced by f , denoted by u(f).

Let Fu := u(F) = {u(f) | f ∈ F}, that is, Fu is the set of utility acts induced by AA

acts from F . Since u is surjective, Fu = [0, 1]|Ω|. Endow Fu with the Euclidean metric.

Let Mu be the set of all non-empty compact subsets of Fu, with typical elements Fu, Gu.

We call these utility menus. Endow Mu with the Hausdorff metric. Let Du be the set of

all non-empty compact subsets of Mu, with typical elements Fu,Gu. We call these utility

menus of menus. Endow Du with the Hausdorff metric.

Lemma 14: If ≿ satisfies Axioms 1-3, 7 and 8, then u(F) = u(G) implies F ∼ G.
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Proof of Lemma 14. We say two AA acts f and g are indistinguishable if {{f(ω)}} ∼
{{g(ω)}} for all ω ∈ Ω. Note that f and g are indistinguishable if and only if u(f) = u(g)

(since u(f) and u(g) are not scalars, but functions from Ω to [0, 1]).

We say two menus F and G are indistinguishable if for any f ∈ F there exists g ∈ G that

is indistinguishable to f and for any g′ ∈ G there exists f ′ ∈ F that is indistinguishable to g′.

For a menu F ∈ M, let u(F ) := {u(f) | f ∈ F}. Note that F and G are indistinguishable if

and only if u(F ) = u(G). (The “only if” part is easy. For the “if” part: If u(F ) = u(G), then

for any f ∈ F there exists g ∈ G such that u(f) = u(g), so f and g are indistinguishable.)

We say two menus of menus F and G are indistinguishable if for any F ∈ F there exists

G ∈ G that is indistinguishable to F and for any G′ ∈ G there exists F ′ ∈ F that is

indistinguishable to G′. For a menu of menus F ∈ D, let u(F) := {u(F ) | F ∈ F}. Then F
and G are indistinguishable if and only if u(F) = u(G). If F and G are indistinguishable,

then F dominates G and G dominates F, then by the second part of Axiom 8, F ∼ F ∪ G
and G ∼ F ∪G. Therefore, F ∼ G by transitivty.

Let ≿u over Du be defined by Fu ≿u Gu if and only if F ≿ G where F ∈ u−1(Fu) and

G ∈ u−1(Gu). Lemma 14 guarantees that ≿u is a preference.

Step 2: From ≿u to a preference over menus of menus of lotteries.

Recall that Fu is the collection of all utility acts. Thus, we can identify Fu with [0, 1]|Ω|.

For convenience, let Ω = {ω1, . . . , ωn}, and introduce an artificial state ω0 and a new space

F ′ defined by F ′ :=
{
f ′ ∈ [0, n]× [0, 1]n

∣∣ ∑n
i=0 f

′(ωi) = n
}
. We suppress the subscript u

for ease of notation, but these are still utility acts.

Endow F ′ with the standard Euclidean metric. Consider r : F ′ → Fu where r(f ′) is the

vector in F that agrees with the last n components of f ′. That is, r(f ′) ∈ Fu and for any

i = 1, 2, . . . , n, [r(f ′)](ωi) = f ′(ωi). It is easy to verify that r is a homeomorphism between F ′

and Fu. Let r
−1 denote its inverse. LetM′ denote the set of nonempty compact subsets of F ′,

with typical elements F ′, G′. Endow M′ with the Hausdorff metric. Let D′ denote the set of

nonempty compact subsets ofM′, with typical elements F′,G′. Endow D′ with the Hausdorff

metric. We slightly abuse notation and let r also denote the homeomorphism from M′ to

Mu and D′ to Du, with r(F ′) = {r(f ′) | f ′ ∈ F ′} ∈ Mu and r(F′) = {r(F ′) | F ′ ∈ F′} ∈ Du.

With this construction, we can define a preference ≿∗ over D′ by F′ ≿∗ G′ if r(F′) ≿u r(G′).

To move on, consider F ′′ :=
{
f ′′ ∈ [0, n]n+1

∣∣ ∑n
i=0 f

′′(ωi) = n
}
. Endow F ′′ with the

standard Euclidean metric. Let M′′ denote the set of nonempty compact subsets of F ′′,

with typical elements F ′′, G′′. Endow M′′ with the Hausdorff metric. Let D′′ denote the

set of nonempty compact subsets of M′′, with typical elements F′′,G′′. Endow D′′ with the

Hausdorff metric.
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Fix a menu F n+1 defined by F n+1 :=
{(

n
n+1

, . . . , n
n+1

)}
. Then F n+1 ∈ M′. Also observe

that for any F ′′ ∈ M′′ and ε ≤ 1
n2 ,

εF ′′ + (1− ε)F n+1 =

{
εf ′′ + (1− ε)

(
n

n+ 1
, . . . ,

n

n+ 1

) ∣∣∣∣∣ f ′′ ∈ F ′′

}
∈ M′.

Finally, define a relation ≿∗∗ on D′′ by: F′′ ≿∗∗ G′′ if

εF′′ + (1− ε){F n+1} ≿∗ εG′′ + (1− ε){F n+1} for all ε <
1

n2
.

Step 3: Verify that ≿∗∗ is the unique extension of ≿∗ to D′′ satisfying adapted

versions of Axioms A.1-A.8.

The construction of ≿∗ and ≿∗∗ in Step 2 is the same as that in DLST.

Axiom 1*—Weak Order: ≿∗∗ is complete and transitive.

Axiom 2*—Continuity: For any F′′, {G′′ : G′′ ≿∗∗ F′′}, {G′′ : F′′ ≿∗∗ G′′} are closed.

Axiom 3*—Independence: For any F′′,G′′,H′′ and any α ∈ (0, 1), F′′ ≿∗∗ G′′ if and only if

αF′′ + (1− α)H′′ ≿∗∗ αG′′ + (1− α)H′′.

Axiom 4*—Finiteness: There exists a natural number N such that: (4.1) For every F′′, there exists

G′′ with |G′′| < N such that G′′ is critical for F′′; and (4.2) For every F′′ ∈ D′′ and every F ′′ ∈ F′′,

there exists G′′ with |G′′| < N such that G′′ is critical for F ′′ in F′′.

Axiom 5*—Ex-Ante Regret: If {F ′′} ≿∗∗ {G′′} and F ′′ ∈ F′′, then F′′ ≿∗∗ F′′ ∪ {G′′}.

Axiom 6*—Interim Preference for Flexibility: F′′ ∪ {F ′′ ∪G′′} ≿∗∗ F′′ ∪ {F ′′, G′′}.

Axiom 7*—Nontriviality: There exist F′′,G′′ ∈ D′′ such that F′′ ⊇ G′′ and F′′ ≻∗∗ G′′.

Axiom 8*—Inclusion: If G′′ ⊆ F ′′ and F ′′ ∈ F′′, then F′′ ∪ {G′′} ≿∗∗ F′′.

Lemma 15: If a binary relation ≿ over D satisfies Axioms A.1-A.8, then the induced

binary relation ≿∗∗ over D′′ satisfies Axioms 1*-8*.

To save space, the proof of Lemma 15 is relegated to the online appendix.

Step 4: Apply Theorem 6 in Appendix A and translate the resulting PR repre-

sentation to a SIT representation.

To proceed, we rescale every element of F ′′ with factor 1
n
. This gives us a unit simplex

and makes D′′ formally equivalent to the choice domain in Appendix A.

Through steps 2 and 3, we have verified that if a binary relation ≿ over the menu of

menus of acts satisfies Axioms 1-8, then the induced binary relation ≿∗∗ defined over D′′ is

unique and satisfies Axioms B.1**-B.8**. Therefore, Theorem 6 guarantees the existence of

a finitely-supported probability measure µ̂ over Û (the set of doubly normalized expected
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utilities over ∆(Ω̂) where Ω̂ = Ω∪{ω0}) and a scalar K̂ ≥ 0 such that ≿∗∗ can be represented

by

Ŵ (F′′) = max
F ′′∈F′′

(1 + K̂)
∑

û∈supp(µ̂)

µ̂(û) max
f ′′∈F ′′

û(f ′′)

−K̂
∑

û∈supp(µ̂)

µ̂(û) max
F ′′∈F′′

max
f ′′∈F ′′

û(f ′′) (22)

where û(f ′′) =
∑

ω̂∈Ω̂ û(ω̂)f ′′(ω̂) is the expected utility for lottery f ′′ under taste û. Moreover,

µ̂ is uniquely identified (Lemma 13), and K̂ is uniquely identified when |supp(µ̂)| > 1

(Theorem 8). Note that Ŵ also represents ≿∗ when restricting to D′.

To get to the SIT representation, we aim for a representation for ≿ of the form

V (F) = max
F∈F

(1 +K)
∑

π∈supp(ν)

ν(π)max
f∈F

uπ(fu)

−K
∑

π∈supp(ν)

ν(π)max
F∈F

max
f∈F

uπ(fu) (23)

where ν is a finitely-supported probability measure over ∆(Ω) representing a distribution over

posteriors induced by a prior and an information structure, and uπ(fu) :=
∑

ω∈Ω π(ω)fu(ω)

for all fu ∈ Fu and π ∈ ∆(Ω). We now explore the additional constraint imposed on Ŵ by

Axiom B.8.

Lemma 16: Suppose ≿∗∗ has a representation as defined in equation (22) and ≿u satisfies

Axiom B.8, then û(ω) ≥ û(ω0) for any û ∈ supp(µ̂) and any ω ∈ Ω.

Proof of Lemma 16. Suppose by contradiction that ≿∗∗ can be represented as in equation

(22), ≿u satisfies Axiom B.8, but there exists û∗ ∈ supp(µ̂) and ω∗ ∈ Ω such that û∗(ω0) >

û∗(ω∗). Consider f ′ := (n − ε, 0, . . . , 0, ε, 0, . . . , 0) where n − ε is assigned to state ω0, ε is

assigned to state ω∗ and 0 is assigned to any other state. We can find ε small enough so that

f ′ ∈ F ′. Let g′ := (n, 0, . . . , 0) where n is assigned to state ω0. Therefore, r(f ′) dominates

r(g′) (recall that the notion of domination is defined over Fu and thus only concerns the last

n coordinates). Thus, part 1 of Axiom B.8 dictates that {{r(f ′)}} ∼u {{r(f ′), r(g′)}}, and
{{f ′}} ∼∗ {{f ′, g′}} by construction.

Note that for any û ∈ supp(µ̂), û(f ′) = (n − ε)û(ω0) + εû(ω∗) and û(g′) = nû(ω0). In

particular, û∗(f
′)− û∗(g

′) = ε
(
û∗(ω∗)− û∗(ω0)

)
< 0. Therefore,

Ŵ ({{f ′, g′}}) =
∑

û∈supp(µ̂)

µ̂(û)
[
û(f ′) ∨ û(g′)

]
=
∑
û̸=û∗

µ̂(û)
[
û(f ′) ∨ û(g′)

]
+ µ̂(û∗)û∗(g

′)

while Ŵ ({{f ′}}) =
∑

û̸=û∗
µ̂(û)û(f ′) + µ̂(û∗)û∗(f

′) < Ŵ ({{f ′, g′}}), contradiction.

Given our construction of Ŵ , there are two normalizations we can do that will allow

us to replace the finitely-supported probability measure µ̂ on Û with a unique finitely-

supported probability measure ν on ∆(Ω). For all ω ∈ Ω and for all û, define ξ(û(ω)) :=
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û(ω) − û(ω0). Since
∑n

i=0 f
′(ωi) = n for all f ′ ∈ F ′ and ξ adds a constant to every û,

argmaxf ′′∈F ′′ (
∑n

i=0 f
′′(ωi)ξ(û(ωi))) = argmaxf ′′∈F ′′ (

∑n
i=1 f

′′(ωi)û(ωi)) for all F
′′ ∈ M′′ and

all û ∈ supp(µ̂). Furthermore, by Lemma 16, ξ(û(ω)) ≥ 0 for all ω ∈ Ω and all û ∈ supp(µ̂).

Therefore, we could transform ξ ◦ û : Ω → R into a probability measure πû defined by

πû(ω) :=
ξ(û(ω))∑

ω′∈Ω ξ(û(ω′))
for each ω ∈ Ω. Finally, we can get the SIT representation by adjust-

ing the weights on each πû by defining ν ∈ ∆0(∆(Ω)) by ν(πû) :=
∑

ω∈Ω ξ(û(ω))∑
û′∈supp(µ̂)

∑
ω∈Ω ξ(û′(ω))

µ̂(û).

Lastly, we can set S equal to {1, 2, . . . ,m} where m = |supp(ν)| is the size of the support

for ν, and the conditional probability distributions σ(s | ω) can be uniquely determined.

C Other Omitted Proofs

C.1 Proof of Theorem 2

Proof. The uniqueness of the SIT representation follows from the uniqueness of the PR

representation. Through the proof of Theorem 1, we have established that if ≿ has a SIT

representation with parameters (π, u,K, σ), then the translated preference ≿∗∗ has a PR

representation with parameters (ν,K) where ν is a distribution over posteriors induced by

π and σ and K is a non-negative regret intensity level.

Therefore, if (π0, u0, K0, σ0) and (π, u,K, σ) both represent ≿ through a SIT represen-

tation, then (ν0, K0) and (ν,K) both represent the induced preference ≿∗∗ through a PR

representation. Then we can apply Lemma 13 and Theorem 8 to conclude that ν0 = ν and

K0 = K whenever |supp(ν)| > 1. This completes the proof.

C.2 Proof of Theorem 3

Definition 11: A binary relation ≿ over D × I has an aligned informational tradeoff

representation if there exists a tuple
(
π, u, (Kσ)σ∈I , (i

σ)σ∈I
)
that consists of a prior π on

Ω, a non-constant affine function u : ∆(X) → R, a collection of information structures

iσ : Ω → ∆(Sσ) and a collection of non-negative scalars Kσ such that ≿ can be represented

by the function W : D × I → R defined by

W (F, σ) = max
F∈F

[
(1 +Kσ)

∑
t∈Sσ

max
f∈F

∑
ω∈Ω

π(ω)iσ(t | ω)u(f(ω))

]
−Kσ

∑
t∈Sσ

max
G∈F

max
g∈G

∑
ω∈Ω

π(ω)iσ(t | ω)u(g(ω))
(24)
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This is called the “aligned” IT representation because the collection of IT representations

for each σ is aligned together by the same π and u.

Axiom 14—Stable Preference over Acts: For any act f, g and any information σ, σ′,

(f, σ) ≿ (g, σ) if and only if (f, σ′) ≿ (g, σ′).

Axiom 14 is motivated by the role of information in the decision process. When there is

only one act to be chosen, any information is irrelevant.

Lemma 17: A binary relation ≿ over D × I has an aligned informational tradeoff rep-

resentation if and only if: (1) ≿ satisfies Weak Order, Stable Preference over Acts and Act

Independence; and (2) ≿σ satisfies Axioms 2-8 for each σ ∈ I.

The proof of Lemma 17 is relegated to Appendix C.3.

In sum, Stable Preference over Acts and Act Independence guarantee the existence of a

utility representation for a preference over the two dimensional choice domain such that the

identified prior belief and taste over outcomes are information-independent.

Definition 12: A binary relation ≿ over D × I has a regret-varying IT representation

if there exists a tuple
(
π, u, (Kσ)σ∈I

)
that consists of a probability measure π on Ω, a non-

constant affine function u : ∆(X) → R and a collection of non-negative scalars Kσ such that

≿ can be represented by the function W : D × I → R defined by

W (F, σ) = max
F∈F

[
(1 +Kσ)

∑
s∈S

max
f∈F

∑
ω∈Ω

π(ω)σ(s | ω)u(f(ω))

]
−Kσ

∑
s∈S

max
G∈F

max
g∈G

∑
ω∈Ω

π(ω)σ(s | ω)u(g(ω))
(25)

Comparing to an aligned IT representation, a regret-varying IT representation has the

feature that σ is no longer just a label, it is indeed the information structure anticipated by

the agent. It is not yet the IT representation because the regret intensity level could still

vary across different information structures.

Lemma 18: A binary relation ≿ over D × I has a regret-varying informational tradeoff

representation if and only if: (1) ≿ satisfies Weak Order, Act Independence, SRNI and

Reduction; and (2) ≿σ satisfies Axioms 2-8 for each σ ∈ I.

The proof of Lemma 18 is relegated to Appendix C.4.

Finally, the Balance axiom guarantees that the parameters for regret intensity identified

from all conditional preferences over menus of menus are the same.

Proof of Theorem 3. “Only if.” Suppose ≿ has an IT representation, then ≿ has a regret-

varying IT representation with Kσ = K for all σ ∈ I. By Lemma 18, ≿ satisfies Weak
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Order, Act Independence, SRNI and Reduction, and ≿σ satisfies Axioms 2-8 for each σ ∈ I.
As for the Balance axiom, note that W (D(F ), σ) = (1 +K)W ({F}, o)−K ·W ({F}, σ) for
any F and any σ. Rearranging, we have

W ({F}, o) = 1

1 +K
·W (D(F ), σ) +

K

1 +K
·W ({F}, σ). (26)

Suppose ({F}, σ) ≻ ({F}, o), then W ({F}, σ) > W ({F}, o), which further indicates that

W ({F}, σ) > W (D(F ), σ), otherwise the above equation cannot hold. Further suppose that(
αD(F ) + (1− α){F}, σ

)
∼ ({F}, o) for some α ∈ (0, 1], then

W ({F}, o) = α · W̃ (D(F ), σ) + (1− α) ·W ({F}, σ). (27)

For equations (26) and (27) to hold at the same time, it must be that α = 1
1+K

. Then ≿

must satisfy Balance by the fact that equation (26) is an identity.

“If.” First, we can apply Lemma 18 to conclude that ≿ has a regret-varying IT repre-

sentation with parameters
(
π, u, (Kσ)σ∈I

)
.

If some σ induces a degenerate distribution over posteriors, then we can set Kσ to be

any non-negative scalar without affecting the value of W .

Suppose by contradiction that Kσ ̸= Kσ′
for some σ, σ′ ∈ I such that σ and σ′ each

induces a non-degenerate distribution over posteriors. We want to show that Balance must

be violated. By assumption, we can find F , G such that ({F}, σ) ≻ ({F}, o) and ({G}, σ′) ≻
({G}, o). Let α = 1/(1+Kσ) and α′ = 1/(1+Kσ′

), then α ̸= α′. Without loss of generality,

suppose α > α′. Follow a similar computation in the proof for the necessity of Balance,(
α′D(F ) + (1− α′){F}, σ

)
≻
(
αD(F ) + (1− α){F}, σ

)
∼ ({F}, o)(

α′D(G) + (1− α){G}, σ′
)
∼ ({G}, o)

which is a direct violation of Balance. The uniquenuss of an IT representation is an immediate

corollary of the uniqueness of the SIT represenation for each ≿σ.

C.3 Proof of Lemma 17

Proof. “Only if.” Suppose ≿ has an aligned IT representation, then ≿ must be complete

and transitive. Moreover, each ≿σ has a SIT representation with parameters (π, u, iσ, Kσ).

By Theorem 1, ≿σ satisfies Axioms 2-8 for each σ ∈ I.
For any act f and any σ ∈ I, W (f, σ) =

∑
ω∈Ω π(ω)u(f(ω)). That is, the value of f is

independent of σ. Stable Preference over Acts is thus satisfied.

To show that ≿ satisfies Act Independence, note that W is affine in its first argument.

That is, W (αF + (1 − α)G, σ) = αW (F, σ) + (1 − α)W (G, σ) for any F,G ∈ D and any
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σ ∈ I. The rest follows from applying this linearity and the fact that W (h, σ) = W (h, σ′)

for any act h and any pairs of σ and σ′.

“If.” As mentioned in the main text, ≿ being complete and transitive implies that ≿σ is

complete and transitive for each σ ∈ I. By Theorem 1, each ≿σ has a SIT representation

V σ with parameters (πσ, uσ, Kσ, iσ).

Lemma 19: If ≿ satisfies Stable Preference over Acts, then there exists π and u such that

πσ = π and uσ = ασu+ bσ for some ασ > 0 and bσ ∈ R for all σ ∈ I.

Proof of Lemma 19. For any act f ∈ F , V σ(f) =
∑

ω∈Ω πσ(ω)uσ(f(ω)). That is, each

V σ reduces to a subjective expected utility representation with parameters (πσ, uσ) when

restricting to acts. Suppose ≿ satisfies Stable Preference over Acts, then f ≿σ g if and only

if f ≿σ′
g for any acts f, g and any information structures σ, σ′. Therefore, ≿σ and ≿σ′

induce the same preference over acts. Then the result follows from the uniqueness result of

Anscombe and Aumann (1963).

The Act Independence axiom helps to establish that ≿ actually has a utility represen-

tation. Let Ṽ σ be a SIT representation with parameters (π, u,Kσ, iσ) where π, u are as

characterized in Lemma 19. Then Ṽ σ represents ≿σ for each σ ∈ I. Consider a function

W : D × I → R defined by W (F, σ) := Ṽ σ(F). Suppose ≿ also satisfies Act Independence,

we will now show that ≿ can be represented by W .

Lemma 20: For any (F, σ) and (G, σ′), there exist acts f, g, h and α ∈ (0, 1] such that

(αF+ (1− α)h, σ) ∼ (f, σ) and (αG+ (1− α)h, σ′) ∼ (g, σ′)

Proof of Lemma 20. It is without loss to normalize the taste function u : ∆(X) → R to have

range [0, 1]. Moreover, u : ∆(X) → [0, 1] is surjective, so for any a ∈ [0, 1], there exists an

act f ∈ F such that Ṽ σ(f) = a for all information σ ∈ I. Therefore, 0 ≤ Ṽ σ({F}) ≤ 1

for any F ∈ M and σ ∈ I. Finally, this indicates that Ṽ σ(F) ≤ Ṽ σ(M(F)) ≤ 1 for any

menu of menus F and information structure σ ∈ I. Therefore, for any act h and any

σ ∈ I, Ṽ σ
(
αF + (1 − α)h

)
= αṼ σ(F) + (1 − α)Ṽ σ(h), similar for Ṽ σ′

(
αG + (1 − α)h

)
.

By our arguments above, there exists h such that Ṽ σ(h) = Ṽ σ′
(h) = 1. For such an h,

Ṽ σ(h) ≥ Ṽ σ(F) and Ṽ σ′
(h) ≥ Ṽ σ′

(G), which further implies that we can find α∗ ∈ (0, 1]

such that Ṽ σ
(
α∗F+(1−α∗)h

)
= α∗Ṽ σ(F)+(1−α∗)Ṽ σ(h) ≥ 0 and Ṽ σ′

(
α∗G+(1−α∗)h

)
=

α∗Ṽ σ′
(G) + (1 − α∗)Ṽ σ′

(h) ≥ 0. Since u is surjective, there exists some acts f, g ∈ F such

that (α∗F+ (1− α∗)h, σ) ∼ (f, σ) and at the same time, (α∗G+ (1− α∗)h, σ′) ∼ (g, σ′).
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Fix (F, σ) and (G, σ′). Let f, g, h and α ∈ (0, 1] satisfy Lemma 20. Then

(F, σ) ≿ (G, σ′) ⇐⇒ (αF+ (1− α)h, σ) ≿ (αG+ (1− α)h, σ′)

⇐⇒ (f, σ) ≿ (g, σ′)

⇐⇒ (f, σ) ≿ (g, σ)

⇐⇒
∑
ω∈Ω

π(ω)u(f(ω)) ≥
∑
ω∈Ω

π(ω)u(g(ω))

⇐⇒ W (αF+ (1− α)h, σ) ≥ W (αG+ (1− α)h, σ′)

⇐⇒ W (F, σ) ≥ W (G, σ′)

The first equivalence holds since ≿ satisfies Act Independence. The second equivalence

holds by the construction of f, g, h and α. The third equivalence follows from ≿ satisfying

Stable Preference for Acts. The fourth equivalence holds since Ṽ σ represents ≿σ. The fifth

equivalence holds sinceW (F, σ) = Ṽ σ(F) soW (·, σ) can represent≿σ and (αF+(1−α)h, σ) ∼
(f, σ) by construction. The last equivalence holds since W is affine in the menus of menus.

This completes the proof of the sufficiency of the axioms since W is by definition an aligned

informational tradeoff representation.

C.4 Proof of Lemma 18

Proof. “Only if.” Suppose ≿ has a regret-varying IT representation, then ≿ has an aligned

IT representation with iσ = σ for each σ ∈ I. ≿ must satisfy Reduction since

W ({Fσ}, o) = max
f∈Fσ

∑
ω∈Ω

π(ω)u(f(ω)) = max
γ∈FS

∑
ω∈Ω

π(ω)u
(
γσ(ω)

)
= max

γ∈FS

∑
ω∈Ω

π(ω)u

(∑
s∈S

σ(s | ω)[γ(s)](ω)

)
= max

γ∈FS

∑
ω∈Ω

π(ω)
∑
s∈S

σ(s | ω)u
(
[γ(s)](ω)

)
=
∑
s∈S

max
f∈F

∑
ω∈Ω

π(ω)σ(s | ω)u(f(ω)) = W ({F}, σ)

where the second equality follows from the construction of Fσ, the third equality follows

from the definition of an induced act γσ, the fourth equality follows from u being an affine

function, and the fifth equality follows from the fact that maximizing over the set of all plans

is equivalent to maximizing over the menu of acts contingent on each signal realization.

By Lemma 17, ≿ satisfies Weak Order and Act Independence, and ≿σ satisfies Axioms

2-8 for each σ ∈ I. In addition, ≿o can be represented by (π, u,Ko, o). By Lemma 1, ≿

satisfies SRNI.
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“If.” As argued in the main text, if ≿ satisfies Weak Order and Reduction, then ≿

satisfies Stable Preference over Acts. By Lemma 17, ≿ has an aligned IT representation

with parameters
(
π, u,

(
Kσ
)
σ∈I ,

(
iσ
)
σ∈I

)
, we want to show that if ≿ satisfies SRNI and

Reduction, then iσ and σ induce the same distribution over posteriors for any σ. By Lemma

1, W (F, o) = maxF∈Fmaxf∈F
∑

ω∈Ω π(ω)u(f(ω)) since SRNI implies that io coincides with

o. By Reduction, W ({F}, σ) = W ({Fσ}, o) for any menu F ∈ M and information structure

σ ∈ I. Note that

W ({F}, σ) =
∑
t∈Sσ

max
f∈F

∑
ω∈Ω

π(ω)iσ(t | ω)u(f(ω))

W ({Fσ}, o) =
∑
s∈S

max
f∈F

∑
ω∈Ω

π(ω)σ(s | ω)u(f(ω))

where the first equation follows from applying W to the pair ({F}, σ) and Sσ is the set of

signals for the identified information structure iσ, that is, iσ : Ω → ∆(Sσ). The second

equation follows from the previous derivation in the proof for the necessity of Reduction (S

is the set of signals for σ and generally different from Sσ). Therefore, σ and iσ must induce

the same distribution over posteriors (otherwise, by a standard result, we can find a menu

F such that W ({F}, σ) ̸= W ({Fσ}, o)).

C.5 Proof of Lemma 3

Proof. Combining equations (15), (16) and (17), we can write W1 as

W1(F, σ) = max
F∈F

[∑
s∈S

(1 +K0 +K1 +K2)max
f∈F

∑
ω∈Ω

π(ω)σ(s | ω)u(f(ω))

−K2

∑
ω∈Ω

π(ω)σ(s | ω)max
h∈F

u(h(ω))

]
−K0

∑
s∈S

max
G∈F

max
g∈G

∑
ω∈Ω

π(ω)σ(s | ω)u(g(ω))

−K1

∑
ω∈Ω

π(ω)max
G∈F

max
g∈G

u(g(ω))

(28)

If K2 = 0, this reduces to

W1(F, σ) = (1 +K0 +K1)max
F∈F

∑
s∈S

max
f∈F

∑
ω∈Ω

π(ω)σ(s | ω)u(f(ω))

−K0

∑
s∈S

max
G∈F

max
g∈G

∑
ω∈Ω

π(ω)σ(s | ω)u(g(ω))

−K1

∑
ω∈Ω

π(ω)max
G∈F

max
g∈G

u(g(ω))

(29)
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Note that the last term does not depend on σ. For convenience, let

U1(F, σ) := max
F∈F

∑
s∈S

max
f∈F

∑
ω∈Ω

π(ω)σ(s | ω)u(f(ω))

U2(F, σ) :=
∑
s∈S

max
G∈F

max
g∈G

∑
ω∈Ω

π(ω)σ(s | ω)u(g(ω))

Therefore,

W1(F, σ) ≥ W1(F, σ′)

⇐⇒ (1 +K0 +K1) · U1(F, σ)−K0 · U2(F, σ) ≥ (1 +K0 +K1) · U1(F, σ′)−K0 · U2(F, σ′)

⇐⇒ 1 +K0 +K1

1 +K1
· U1(F, σ)−

K0

1 +K1
· U2(F, σ) ≥

1 +K0 +K1

1 +K1
· U1(F, σ′)− K0

1 +K1
· U2(F, σ′)

⇐⇒ (1 +K) · U1(F, σ)−K · U2(F, σ) ≥ (1 +K) · U1(F, σ′)−K · U2(F, σ′)

⇐⇒ W (F, σ) ≥ W (F, σ′)

where the third equivalence follows from the assumption that K = K0/(1 +K1).
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